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Optimal Controls on Finite and Infinite
Horizons: A Review

2.1 Introduction

In this chapter, important results on optimal controls are reviewed.

Optimal controls depend on the performance criterion that should reflect
the designer’s concept of good performance. Two important performance cri-
teria are considered for optimal controls. One is for minimization and the
other for minimaximization.

Both nonlinear and linear optimal controls are reviewed. First, the general
results for nonlinear systems are introduced, particularly with the dynamic
programming and a minimum principle. Then, the optimal controls for linear
systems are obtained as a special case. Actually, linear quadratic and H,
optimal controls are introduced for both state feedback and output feedback
controls. Tracking controls are also introduced for future use.

Optimal controls are discussed for free and fixed terminal states. The for-
mer may or may not have a terminal cost. In particular, a nonzero terminal
cost for the free terminal state is called a free terminal cost in the subsequent
chapters. In addition, a fixed terminal state is posed as a terminal equality
constraint in the subsequent chapters. The optimal controls for the fixed ter-
minal and nonzero reference case will be derived in this chapter. They are
important for RHC. However, they are not common in the literature.

Linear optimal controls are transformed to SDP using LMIs for easier
computation of the control laws. This numerical method can be useful for
obtaining optimal controls in constrained systems, which will be discussed
later.

Most results given in this chapter lay the foundation for the subsequent
chapters on receding horizon controls.

Proofs are generally given in order to make our presentation in this book
more self-contained, though they appear in the existing literature. Hs filters
and Hs controls are important, but not used for subsequent chapters; thus,
they are summarized without proof.
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The organization of this chapter is as follows. In Section 2.2, optimal con-
trols for general systems such as dynamic programming and the minimum
principle are dealt with for both minimum and minimax criteria. In Section
2.3, linear optimal controls, such as the LQ control based on the minimum
criterion and H,, control based on the minimax criterion, are introduced. In
Section 2.4, the Kalman filter on the minimum criterion and the H., filter
on the minimax criterion are discussed. In Section 2.5, LQG control on the
minimum criterion and the output feedback H,, control on the minimax cri-
terion are introduced for output feedback optimal controls. In Section 2.6, the
infinite horizon LQ and H, control are represented in LMI forms. In Section
2.7, Hs controls are introduced as a general approach for LQ control.

2.2 Optimal Control for General Systems

In this section, we consider optimal controls for general systems. Two ap-
proaches will be taken. The first approach is based on the minimization and
the second approach is based on the minimaximization.

2.2.1 Optimal Control Based on Minimum Criterion

Consider the following discrete-time system:
ziy1 = f(wi,ui,1), Ty =20 (2.1)

where z; € R and u; € R™ are the state and the input respectively, and may
be required to belong to the given sets, i.e. z; € X € R and u; € U € R™.
A performance criterion with the free terminal state is given by

ip—1

J(Iioai(hu) = Z g(xivuul) + h(xlf7lf) (22)

i=io

io and iy are the initial and terminal time. g(-,-,-) and h(-,-) are specified
scalar functions. We assume that iy is fixed here for simplicity. Note that
z;, is free for the performance criterion (2.2). However, z;, can be fixed. A
performance criterion with the fixed terminal state is given by

ip—1

J(xiovimu) = Z g(xzvuul) (23)

i=ig

subject to

where z7 is given.



2.2 Optimal Control for General Systems 19

Here, the optimal control problem is to find an admissible control u; € U
for i € [ig,if — 1] that minimizes the cost function (2.2) or (2.3) with the
constraint (2.4).

The Principle of Optimality and Dynamic Programming

If S-a-D is the optimal path from S to D with the cost J§,, then a-D is
the optimal path from a to D with J),, as can be seen in Figure 2.1. This
property is called the principle of optimality. Thus, an optimal policy has the
property that, whatever the initial state and initial decision are, the remaining
decisions must constitute an optimal policy with regard to the state resulting
from the first decision.

*
‘]a D

-~
Jx
SD

Fig. 2.1. Optimal path from S to D

Now, assume that there are allowable paths S-a-D, S-b-D, S-c-D, and
S-d-D and optimal paths from a, b, ¢, and d to D are Jp, J;p, Jip, and Jj,
respectively, as can be seen in Figure 2.2. Then, the optimal trajectory that
starts at S is found by comparing

JSap = Jsa + Jap

Jsup = Jsv+ Jop

JSep = Jse +Jip
The minimum of these costs must be the one associated with the optimal de-
cision at point S. Dynamic programming is a computational technique which
extends the above decision-making concept to the sequences of decisions which
together define an optimal policy and trajectory.

Assume that the final time i is specified. If we consider the performance
criterion (2.2) subject to the system (2.1), the performance criterion of dy-
namic programming can be represented by

J(;vi,i,u) :g($i7ui,i)+J*(l‘i+1,i+1), 1€ [io,if—l] (26)

J(xi,0) = min  J(xs,4,u)
Uy, TE[,15—1]
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Jap  Jip

* *
JcD JdD

Fig. 2.2. Paths from S through a, b, ¢, and d to D

where
J*(mif,if)Zh(iEif,if) (2.8)

For the fixed terminal state, J*(z;,,if) = h(zq,,iy) is fixed since x;, and iy
are constants.

It is noted that the dynamic programming method gives a closed-loop con-
trol, while the method based on the minimum principle considered next gives
an open-loop control for most nonlinear systems.

Pontryagin’s Minimum Principle

We assume that the admissible controls are constrained by some boundaries,
since in realistic systems control constraints do commonly occur. Physically
realizable controls generally have magnitude limitations. For example, the
thrust of a rocket engine cannot exceed a certain value and motors provide a
limited torque.

By definition, the optimal control ©* makes the performance criterion J a
local minimum if

J(u) — J(W*) = AT >0

for all admissible controls sufficiently close to u*. If we let u = u* + du, the
increment in J can be expressed as

AJ(u*,du) = 6J(u*, du) + higher order terms
Hence, the necessary conditions for u* to be the optimal control are
d0J(u*,du) >0
if u* lies on the boundary during any portion of the time interval [i¢, if] and
0J(u*,du) =0

if u* lies within the boundary during the entire time interval [ig, if].
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We form the following augmented cost functional:

if—l
Jo = Z {9(xi,ui, i) + Py [f (wis wis ) — 4]} + A, iy)

i=io

by introducing the Lagrange multipliers pj,, pi,+1,- -+ ,pi,. For simplicity of
the notation, we denote g(x},u},i) by g and f(z},u},7) by f respectively.
Then, the increment of J, is given by

ip—1

Ny = Z {g(zf + 5581,’&: + 5U7,,Z) + [pf-i-l + 5pi+1}T

i=ig

X [f('r:< + 53;17“: + 5Ui,i) - (xzc-‘,-l + 5'1:1'-"-1)} + h‘(x:f + 5I2f,lf)

ip—1
ip—1 T T T
_ 9g | 99 s | 9F ,
= Z { [&UJ ox; + [Bul} ou; + piiq oz, 0x;
1=10

*T af T T * kv
+ Pit1 G dui + 0piy1 f (2], ui,4)

— 0pip1Tig1 — Pip10Tit1 ¢+ Fy 0wy,
T
+ higher order terms (2.9)

To eliminate dx;11, we use the fact

ip—1 ip—1
T T T

Y piti0wiia = pi) 6w, + Y pfowi

i—io i—io

Since the initial state z;, is given, it is apparent that dx;, = 0 and p;, can be
chosen arbitrarily. Now, we have

ip—1 T T
99 . Of dg | Of .,
ANJ, = Z { [ —p; + (3'_.Tipi+1:| ox; + [ + ; ou;

8xi (9’&1 8—uip”1

i=ig

. on 1"
+5pzT+1 |:f(x;k7 Uy Z) - JZL_J } + |:0Tzf — pif] 5$if
+ higher order terms

Note that variable dx; for ¢ = 99 + 1, - ,i; are all arbitrary. Define the
function H, called the Hamiltonian
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H(wi, uis pig1,9) = g(Tisws, 1) + Py f(@0, w4, 9)

If the state equations are satisfied, and p; is selected so that the coeflicient of
dx; is identically zero, that is,

Ty = f(@],ui,1) (2.10)
«_ 909 _Of
S (2.11)
xz‘o =20 (2.12)
oh
Y= 2.13
p f axif ( )
then we have
T TomH T
AT, = Z { [%(ch, uf,pf,i)} 6u,} + higher order terms
=10

The first-order approximation to the change in H caused by a change in u
alone is given by

oM g
| Trb et ti)| O 4 G0 ) = MG )
Therefore,
ip—1
AJ(u*, du) = Z {H(If,uf + 0, pyyq, ) — H(zf,uf,pal,i)}
i=io
+higher order terms (2.14)

If u* + du is in a sufficiently small neighborhood of u*, then the higher order
terms are small, and the summation (2.14) dominates the expression for AJ,.
Thus, for u* to be an optimal control, it is necessary that

ip—1
Z [’H(xj,uf + 0w, piyq.1) — H(xj,ui,piq,i)| >0 (2.15)

i=io
for all admissible ju. We assert that in order for (2.15) to be satisfied for all
admissible du in the specified neighborhood, it is necessary that

H (a7, ui + 0ui, iy i) — M7, ui, pia, i) 2 0 (2.16)

for all admissible du; and for all ¢ = 4g, -+ ,%¢. In order to prove the inequality
(2.15), consider the control

wp =y, ¢ [i1,12]

U; = u;‘ + 5Ui, 1 E [il,iz] (217)
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where [i1,42] is a nonzero time interval, i.e. i; < i3 and du; is an admissible
control variation that satisfies u* + du € U.

Suppose that inequality (2.16) is not satisfied in the interval [iy,i2] for the
control described in (2.17). So, we have

H(w;, ui,piyq,1) < H(x,ui,pivq, i)

in the interval [i1, 2] and the following inequality is obtained:

ip—1
Z |:H(.’E:, uiap:,f-i-lv Z) - H(l‘j, u:ap:-i,-la Z):|

i2
= > [Mai i pi i) = Mgl pia, )] <0

1=11

Since the interval [i1,i2] can be anywhere in the interval [ig,if], it is clear
that if
H(x:v Uivp;'kJrh 7’) < H(va ujvpz:rlv 7’)

for any i € [ig, /], then it is always possible to construct an admissible control,
as in (2.17), which makes AJ, < 0, thus contradicting the optimality of the
control u}. Therefore, a necessary condition for u; to minimize the functional
J, is

(w0l D) < HE i, s ) (2.18)

for all i € [ig, 4] and for all admissible controls. The inequality (2.18) indicates
that an optimal control must minimize the Hamiltonian. Note that we have
established a necessary, but not, in general, sufficient, condition for optimality.
An optimal control must satisfy the inequality (2.18). However, there may be
controls that satisfy the minimum principle that are not optimal.

We now summarize the principle results. In terms of the Hamiltonian, the
necessary conditions for u} to be an optimal control are

mZ‘ - x?,uz,p: )1 2.19
1= G ) (2.19)

p; = %(xivui’pi—&-lﬁz) (2.20)
H(xfauﬂpfﬂai) < H(.’L’Z,ui,prrl,i) (2'21)

for all admissible u; and ¢ € [ig, iy — 1], and two boundary conditions

. 0on
pif - &vif

Liy = TQ, (x;:mzf)
The above result is called Pontryagin’s minimum principle. The minimum
principle, although derived for controls in the given set U, can also be applied
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to problems in which the admissible controls are not bounded. In this case,
for u} to minimize the Hamiltonian it is necessary (but not sufficient) that

*

oH , . . L
au_(xi,ul,pi+1,z)20, i€ [ig,i5 — 1] (2.22)

If (2.22) is satisfied and the matrix

0*H .
W(I:’ U pites )

K3
is positive definite, then this is sufficient to guarantee that «; makes J, a local
minimum. If the Hamiltonian can be expressed in the form

1

T
; Ru,;
5 Ui B

. . 1T
H(@i, i, pig1,1) = co(@i, Piv1,1) + [c1(@i, pig1, 1)) wi +
where ¢o(, -, ) and ¢1(+, -, -) are a scalar and an m x 1 vector function respec-
tively, that do not have any term containing u;, then (2.22) and 8?H/0u? > 0
are necessary and sufficient for H(z},u],pj,,7) to be a global minimum.
For a fixed terminal state, dz;, in the last term of (2.9) is equal to zero.

Thus, (2.13) is not necessary, which is replaced with x;, = Ty

2.2.2 Optimal Control Based on Minimax Criterion
Consider the following discrete-time system:
Ti+1 = f(l‘z, Uiy, Wi, i), Ty = X0 (2.23)

with a performance criterion

ip—1

J(@iy, 0, u, w) = Z[g(%,uz‘,wiai)] + h(zig,if) (2.24)

i=ig

where z; € R" is the state, u; € R™ is the input and w; € R is the dis-
turbance. The input and the disturbance are required to belong to the given
sets, i.e. u; € U and w; € W. Here, the fixed terminal state is not dealt with
because the minimax problem in this case does not make sense.

The minimax criterion we are dealing with is related to a difference game.
We want to minimize the performance criterion, while disturbances try to
maximize one. A pair policies (u,w) € U x W is said to constitute a saddle-
point solution if, for all (u,w) € U x W,

J (X4, 10, 0™, w) < J (24,90, u™, W) < J(X4, i, u, W) (2.25)

We may think that v* is the best control, while w* is the worst disturbance.
The existence of these u* and w* is guaranteed by specific conditions.
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The control u* makes the performance criterion (2.24) a local minimum if
J (x4, 10, uy w) — J(z4,, 00, u”,w) = AT >0

for all admissible controls. If we let v = u* + du, the increment in J can be
expressed as

AJ(u*, du, w) = 6J(u*, du, w) + higher order terms
Hence, the necessary conditions for u* to be the optimal control are
dJ(u*, du,w) >0
if u* lies on the boundary during any portion of the time interval [ig, if] and
d0J(u*, du, w) =0

if u* lies within the boundary during the entire time interval [io, if].
Meanwhile, the disturbance w* makes the performance criterion (2.24) a
local maximum if

J(u,w) — J(u,w*) =AJ <0

for all admissible disturbances. Taking steps similar to the case of u*, we
obtain the necessary condition

0J (u,w*,dw) <0
if w* lies on the boundary during any portion of the time interval [ig, is] and
0J(u,w*, dw) =0

if w* lies within the boundary during the entire time interval [ig, f].
We now summarize the principle results. In terms of the Hamiltonian, the
necessary conditions for u; to be an optimal control are

OH .
xf+1 = m(xf,uf>wf,pf+1ﬂ)
OH

* * * * * .

p; = az.(xiﬂuwwiapwrhl)
K3

*

H(Irv u;ka wiap;‘—&-la Z) S H("Efv U:, ’le 7p;,'k+17 7’) S H(:C;k; uia w;(7p?+17 Z)
for all admissible u; and w; on the i € [ig, iy —1], and two boundary conditions

pif_axif if f

Tiy = T,

Now, a dynamic programming for minimaxization criterion is explained.
Let there exist a function J*(z;,1), i € [ig, iy — 1] such that
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J*(x4,1) = glelzgzrune% {g(xi,ui,wi,i) + J*(f (@i, wiwi,y 1), 1+ 1)}

weW ueld
J*(l‘if,if) Zh(l‘if,if) (2.26)

= max min {g(xhuivwivi) + J*(f (@i, wiywi, 1),7 + 1)}

Then a pair of u and w that is generated by (2.26) provides a saddle point
with the corresponding value given by J*(z;,,%0)-

2.3 Linear Optimal Control with State Feedback

2.3.1 Linear Quadratic Controls Based on Minimum Criterion

In this section, an LQ control in a tracking form for discrete time-invariant
systems is introduced in a state-feedback form. We consider the following
discrete time-invariant system:

Tit1 = A.Z‘i + Bui
Ziy = Czl‘i (2'27)

There are two methods which are used to obtain the control of minimizing
the chosen cost function. One is dynamic programming and the other is the
minimum principle of Pontryagin. The minimum principle of Pontryagin and
dynamic programming were briefly introduced in the previous section. In the
method of dynamic programming, an optimal control is obtained by employing
the intuitively appealing concept called the principle of optimality. Here, we
use the minimum principle of Pontryagin in order to obtain an optimal finite
horizon LQ tracking control (LQTC).

We can divide the terminal states into two cases. The first case is a free
terminal state and the second case is a fixed terminal state. In the following,
we will derive two kinds of LQ controls in a tracking form.

1 ) Free Terminal State

The following quadratic performance criterion is considered:

ip—1

J(2" ) =Y [z — 2)) Q2 — ) + u] Ruy
i=io
+ [z, — 211" Qplziy — 2] (2.28)
Here, z; € R, u; € R™, 2z € R, 27, Q@ > 0, R > 0, Q7 > 0 are the state,
the input, the controlled output, the command signal or the reference signal,
the state weighting matrix, the input weighting matrix, and the terminal
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weighting matrix respectively. Here, zj , zj 1y, -+, 2;, are command signals
which are assumed to be available over the future horizon [ig,if].

For tracking problems, with @ > 0 and Qf > 0 in (2.28), there is a
tendency that z; — z].In order to derive the optimal tracking control which
minimizes the performance criterion (2.28), it is convenient to express the
performance criterion (2.28) with the state z; instead of z;. It is well known
that for a given p x n (p < n) full rank matrix C, there always exist some
n x p matrices L such that C,L = I,x,. Let

x] = Lz (2.29)

K3 K3

The performance criterion (2.28) is then rewritten as

ip—1
J(a"u) = Y (@ — a]) " CTQC. (w; — x}) + uf Ruj]
+ (23, — 2, )T CTQfCilni, —af] (2.30)

The performance criterion (2.30) can be written as

ip—1

I = Y [(as = a0y Qs — af) 4l R,
+ (@i, — ] ) Qp(wi, — 7)) (2.31)
where
Q=CrQC, and Q;=0CTQ;C, (2.32)

@ and Qy in (2.31) can be independent design parameters ignoring the relation
(2.32). That is, the matrices @ and Qs can be positive definite, if necessary,
though @ and @ in (2.32) are semidefinite when C', is not of full rank. In
this book, @ and @y in (2.31) are independent design parameters. However,
whenever necessary, we will make some connections to (2.32).

We first form a Hamiltonian:

Hi = [(2i — 2])T Qi — &) + uf Rui] + plyy[Azi + Bug]  (2.33)
where i € [ig, iy — 1]. According to (2.20) and (2.2.1), we have

pi =5 =2Q( — @) + ATpi (2.34)
6]1(%‘1 ,if) r

where h(z;,,if) = (z;; — %Tf)TQf(mif - m:f)
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A necessary condition for u; to minimize H,; is %:f”

= 0. Thus, we have

OH;
Bui

= 2Ru; + BTpi 1 =0 (2.36)

M _
ou?
in u, the solution of (2.36) is an optimal control to minimize H;. The optimal
solution u; is

Since the matrix 2R is positive definite and H; is a quadratic form

1
ul = finlBTpH1 (2.37)
If we assume that

pi = 2K, ;,w; + 2gii, (2.38)

the solution to the optimal control problem can be reduced to finding the
matrices K;;, and g;;,. From (2.35), the boundary conditions are given by

Ki i, =Q; (2.39)
Gisip = —Qray; (2.40)

Substituting (2.27) into (2.38) and replacing u; with (2.37), we have

Pit1 = 2Ki114,Tiv1 + 29iv1,4,
= 2Kiy1,4; (Aw; + Bug) + 295414,

= 2K;y1,i, (Az; — %BR*lBTpM) + 205414, (2.41)
Solving for p;;1 in (2.41) yields the following equation:
piv1 = [ + Kiy1,i, BR™' BT 7' 2K, 41, Avi + 2gi41.:,] (2.42)
Substituting for p;;1 from (2.37), we can write
uj = —R7'BY[I + K41, BR'B"| 7 [ K114, Axi + git14,] (2.43)

What remains to do is to find Kj;, and g;;,. If we put the equation (2.42)
into the equation (2.34), we have

bi = QQ(.’M - (E:) + AT[I + Kﬁul,ifBRilBT}il[2Ki+1’ifA:L'i + 2gi+1,if},
=2[Q+ A"(I + Kiy1,, BR'B") ' Ki 11, Al
+2[-Qx} + AT(I + Ki1,,, BR™'B") ' giy1,,] (2.44)

The assumption (2.38) holds by choosing K ;, and g;,, as
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Kij, =A"I+ Kiy1,, BR'B"] ' K11, A+ Q
=A"Ki1;,A—A"Kiy1;, B(R+ B"K;11,,B) 'B"K;1,,A
+Q (2.45)

gii; = AT+ Kiy1,, BR™'B"] giy1, — Qaf (2.46)

where the second equality comes from
I+ K1, BR'BT"|™' =1 K;11;,B(R+B"K;y1,;,B)"'B" (2.47)

using the matrix inversion lemma (A.2) in Appendix A. The optimal control
derived until now is summarized in the following theorem.

Theorem 2.1. In the system (2.27), the LQTC for the free terminal state is
given as (2.43) for the performance criterion (2.31). K;;, and g; i, in (2.43)
are obtained from Riccati Equation (2.45) and (2.46) with boundary condition
(2.39) and (2.40).

Depending on @, K;;, may be nonsingular (positive definite) or singular
(positive semidefinite). This property will be important for stability and the
inversion of the matrix K ; ; in coming sections.

For a zero reference signal, g; ;, becomes zero so that we have

wf = —R'BY[I+ K11, BR'BT| 'K, 11, Ax; (2.48)

(3

The performance criterion (2.31) associated with the optimal control (2.43) is
given in the following theorem.

Theorem 2.2. The optimal cost J*(x;) with the reference value can be given
I (x;) = miTKi,ifxi + 2$;‘Tgi,if +wi i, (2.49)
where
Wi, = Wig1,i, + T Q] — 951,ifB(BTKi+1,ifB +R)"'BTgip1,, (2.50)
with boundary condition w;, ;, = ml—"fTQfmff.

Proof. A long and tedious calculation is required to obtain the optimal cost us-
ing the result of Theorem 2.1. Thus, we derive the optimal cost using dynamic
programming, where the optimal control and the optimal cost are obtained
simultaneously.

Let J*(x;41) denote the optimal cost associated with the initial state ;41
and the interval [i +1,4y]. Suppose that the optimal cost J*(x;4+1) is given as

T (@i1) = 2 Kot 1, @1 + 2801 9ir1,, + Wit (2.51)

where w;11,;, will be determined later. We wish to calculate the optimal cost
J*(x;) from (2.51).
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By applying the principle of optimality, J*(z;) can be represented as fol-
lows:

J*(x;) =min |(z; — 20T Q(x; — 27) + u] Ru; + J* (zi41) (2.52)

(]
Uj

(2.52) can be evaluated backward by starting with the condition J*(z;,) =
(@i, — 7, )T Qs (@i, — 7).
Substituting (2.27) and (2.51) into (2.52), we have

J* (xl) = qu}n (CL'Z' - mf)TQ(ml - .’L’:) + uiTRui + $?+1Ki+1,ifwi+1
i

+ 22011 giv1i, + U/i+1,if} (2.53)

= min | (x; — Q::)TQ(L —x) + uZTRui

Uj

+ (A.’,El + Bui)TKi+1,if (AIZ?7 -+ BU,) -+ Q(Al‘l + Bui)TgH_uf

+ wi+1,if} (2.54)

Note that J*(z;) has a quadratic equation with respect to u; and z;. For a
given z;, the control u; is chosen to be optimal according to (2.54). Taking
derivatives of (2.54) with respect to u; to obtain

aJTqE:-Ei) = 2RU1 + 2BTKZ'+1,ifBUi + 2BTK7;+1’Z'fA£L'i + 23Tgi+1,if =0

we have the following optimal control u;:

U; = —(R + BTKiJr]’Z’fB)_l[BTKiJrl’ifoi + BTgiJrl’if] (255)

=—Lyx;i + Laigiv1,, (2.56)

where
Li; 2[R+ BTKi11,, B 'BTK 11, A (2.57)
Ly; £ —[R+B"K,41,,B]'B” (2.58)

It is noted that the optimal control u; in (2.56) is the same as (2.43) derived
from the minimum principle. How to obtain the recursive equations of K1,
and g;41,;, is discussed later.
From definitions (2.57) and (2.58), we have the following relations:
ATK;41;, B[R+ B"K;11,;,B) 'B"K;41,, A= A"Ki41,,BL1;
=L{,B"K;11,;,A
=L{,[R+B"Ki11,,B]L1,;
(2.59)
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where the most left side is equivalent to the second term of Riccati Equation
(2.45) and these relations are useful for representing the Riccati equation in
terms of closed-loop system A — BLq ;.

Substituting (2.56) into (2.54) yields

J*(xl) = CﬂlT |:Q —+ szRLl,i + (A — BLl,i)TKi+l,if (A — BLl,i) xX;
+ 22T [_LfiRLZ,igi-l-l,if +(A— BLl,z‘)TKi+1,z'fBL2,¢91'+1,¢f

+ (A- BLLi)Tgi-i-l,if - Qz} +g;’1j}-17ifL%—:iRL2,igi+l7if

+ giT+17ifL2T,iBTKi+1,if BLs3:giv1,i; + 2gi,13rljng,iBTgi+1vif + Wit1,i;
+ i Qal (2.60)
where the terms are arranged according to the order of z;. The quadratic

terms with respect to z; in (2.60) can be reduced to xZTKi x; from Riccati

Jf
Equation given by

Kii, =[A—BL1;)"Ki11:,[A— BLy;] + L{;RL1; + Q (2.61)

which is the same as (2.45) according to the relation (2.59).
The first-order coefficients with respect to x; in (2.60) can be written as
- L1T,iRL2,igi+1,if + (A= BLy;)"Kiy1,i,BLagit1.,
+ (A - BLl,i)ng+1,¢f - Quxj
= _L{iRLZ,iQH—l,if + A"Ki1,,BLa i1, — L1T7¢BTK1‘+1,ifBL2,igi+1,if
+ Ang'H,if - L{iBTgi+1,i_f - Qx;
= —ATIK],;,B(R+B"K;11,;,B) "' B" — I|giy14, — Q]
= A1+ K\, ;,BR™'B| 'gis14, — Quj
which can be reduced to g;;, if it is generated from (2.46).
The terms without z; in (2.60) can be written as
9¢T+1,ifL2T,iRL2,z‘gi+1,if + giT+1,¢fL2T,iBTKz‘+1,ifBLz,z'gz‘Jrl,if
+ 29¢T+1,ifL2T,iBTgi+1,if +wir, + 2] Qxf
= 9{11:, B[R+ BT Kiy1:,B] "' BT gi11,,
—29}11,, BIR+ B K1, Bl 7' B  giy 1, + wiyr, + 2}’ Qu}

= —9{11i, BIR+ B "Ki11,,B) 7' B gi1.4; + wit1; + 2] Qrj

3

which can be reduced to Wi ip if it is defined as (2.50). If Giiy and Wy i, are
chosen as (2.46) and (2.50), then J*(z;) is in a form such as (2.51), i.e.
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J*(x;) = o] Kii, i+ 22) giq, + wi, (2.62)

Now, we have only to find the boundary value of g; ; and wy . J* (z; f) should
be equal to the performance criterion for the final state. Thus, w;, ;, and g;, ;,
should be chosen as w;, ;, = xZTfTQfm{f and g;; i, = —Qyx;, so that we have

* _ .7 T
J ('er) - xifKif,ifxif +2l‘ifg’if,if +wif,if
T T r rT T
= xifoxif - Qxifoxif +xif Qfxif

= (i, — m;f)TQf(xif —zj,)
This completes the proof. |

The result of Theorem 2.2 will be utilized only for zero reference signals
in subsequent sections.

For positive definite @y and nonsingular matrix A, we can have another
form of the above control (2.43). Let P”f = Kfllf if the inverse of K ;, exists.
Then (2.45) can be represented by

b =AT[I+ P 5, BRT'BT| TP A+ Q (2.63)
-1
b, = {AT[PHW +BR'BT)71A + Q} (2.64)
Let P, = P,;, + BR™'BT. Then

Pii, = (ATPLL,;, A+Q)" + BRT'BY
= ANPRL, +ATTQAT) AT + BRTIBT
= AT+ Py, A7TQA™ T Py, A+ BRTIBT(2.65)
9ii, = AT[I+P3Y, BR'BY | gy, — Qaf

it+1,ip
= AT[piJruf + BR’IBT]71P¢+1,ifg¢+1,if - Qxf
= ATP5; (Piyri, — BRT'BT )iy, — Quf (2.66)

with the boundary condition

Pii; = Q7'+ BR'BT (2.67)

£iif
Using the following relation:

—[I+R'BTPY, BI'R'BTP Y, Az,

i+1,ip i+1,ip
—1pT H-1 —1pTH-1 17—
=-R'B"P I+ BRT'BTP 17 A

=-R'BYP,;, + BR'B"| ' Az,

— -1
= —R™'BTP Az



2.3 Linear Optimal Control with State Feedback 33

and
—[I+R'B"P3},,BI 'R Bgij1,,
= R_IB[I + pi:_ll’ifBR_lBT]_lgiJrl’if
= RilBPijrll’if (Pi-i-l,if - BRilBT)gH_LZ‘f

we can represent the control in another form:

U;k = 7R71BT.Pi:_117if [AZL'Z + (Pi+l,if — BRilBT)gH_l’if] (268)

where P;y1;, and g1, are obtained from (2.65) and (2.66) with boundary
conditions (2.67) and (2.40) respectively.

2 ) Fixed Terminal State

Here, the following performance criterion is considered:

ip—1

o) = 3 [( )T Qs — ) +uT Ru, (2.60)
T, = $E (2.70)

f

For easy understanding, we start off from a simple case.
Case 1: zero state weighting

Now, our terminal objective will be to make z;, match exactly the desired
final reference state z; ;- Since we are demanding that z;, be equal to a known
desired z7, the final state has no effect on the performance criterion (2.31). It
is therefore redundant to include a final state weighting term in a performance
criterion. Accordingly, we may as well set @ = 0.

Before we go to the general problem, we first consider a simple case for
the following performance criterion:

ip—1

1
Jio =5 Z uj Ru; (2.71)
i=io
where Q = 0. Observe that the weighting matrix for the state becomes zero.
As mentioned before, we require the control to drive z;, exactly to
Ty, =y (2.72)
using minimum control energy. The terminal condition can be expressed by
ip—1
Ty, = Aif*ioxio + Z A= 1By, = xy (2.73)

f
=10
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We try to find the optimal control among ones satisfying (2.73). It can be seen
that both the performance criterion and the constraint are expressed in terms
of the control, not including the state, which makes the problem tractable.
Introducing a Lagrange multiplier A\, we have

if—1 ig—1
LS ip—i iy i r
Ji, = B) Z ui Rug + AT (A ~0m, + Z A~ 1By, — zi)  (2.74)
=10 1=10

Take the derivative on both sides of Equation (2.74) with respect to u; to
obtain

Ru; + BT (AT)r =71\ =0 (2.75)
Thus,
u; = —RTIBT(AT)ir i) (2.76)

Substituting (2.76) into (2.73) and solving for X yields

-1 r if—1
A==G i, (ah, =AY 0x,) (2.77)
where
ip—1
Gio,if — Z Aif*ileRleT(AT)iffifl' (278)
i=io
Actually, Gy, i, is a controllability Gramian of the systems (2.27). In the case

of controllable systems, G, i, is guaranteed to be nonsingular if iy — i is
more than or equal to the controllability index n..

The optimal open-loop control is given by

Uf = RilBT(AT)ifiiilG;o}if (‘r:f - Aif*ioxio) (2'79)

It is noted that the open-loop control is defined for all i € [ig, iy — 1].
Since i¢ is arbitrary, we can obtain the closed-loop control by replacing with
i such as,
ut = R_lBT(AT)if_i_lG-_l

7 1,0 f

(z], — AY ") (2.80)

It is noted that the closed-loop control can be defined only on ¢ that is less
than or equal 7y —n.. After the time iy —n., the open-loop control can be used,
if necessary. In Figure 2.3, the regions of the closed- and open-loop control
are shown respectively.

The above solutions can also be obtained with the formal procedure using
the minimum principle, but it is given in a closed form from this procedure.
Thus, the control after iy — n. cannot be obtained.
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Optimal
control
0 z'f — Ne if Time
Region of
closed-loop solution
Region of

open-loop solution

Fig. 2.3. Region of the closed-loop solution

Case 2: nonzero state weighting

We derive the optimal solution for the fixed terminal state from that for the
free terminal state by setting QQy = ool. We assume that A is nonsingular.

Since K, i, = Qf = ool, the boundary condition of P; ;, becomes

P, i, =BR'B" (2.81)

from (2.67). From (2.65), we know that Equation (2.81) is satisfied with an-
other terminal condition:

Pif+1,7;f+1 = O (282)

It is noted that P;i;;, can be singular on [iy — n. + 2,if]. Therefore, g;;,
cannot be generated from (2.66) and the control (2.68) does not make sense.
However, the control for the zero reference signal can be represented as

u; = _R_lBTPi:-ll,if Az; (2.83)

where g;; ; is not necessary.

For nonzero reference signals we will take an approach called the sweep
method. The state and costate equations are the same as those of the free
terminal case:

U; = —RilBTpile (284)
Ti+1 = A.’,EZ - BRilBTpH_l (285)
pi = Qz; — x]) + ATpip (2.86)
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We try to find an optimal control to ensure x;, = xff. Assume the following
relation:

pi = Kizi + Mipi, + gi (2.87)

where we need to find S;, M;, and g; satisfying the boundary conditions

K;,, =0
M, =1
gi; =0

respectively. Combining (2.85) with (2.87) yields the following optimal trajec-
tory:

ziy1 = (I + BR'BTK;1) ' (Az; — BR™'B" M, 1p;,
— BR'B%g;11) (2.88)
Substituting (2.87) into (2.86) provides
Kixi + Mipi, + 9i = Qz; — a) + AT [Kij1ziv1 + Mizapi, + giva] (2.89)
Substituting z;41 in (2.88) into (2.89) yields

[-K; + ATK; . ,(I+ BRT'BTK; 1) 'A + Qlz; +
[-M; — ATK;:1(I+ BRT'BTK; 1) ' BR™'B" M1 + A" M 1]pi, +
[—gi + ATgis1 — ATK; y(I+ BR'BTK; 1) 'BR'BTg; ;1 —Qz7] =0

Since this equality holds for all trajectories z; arising from any initial condition
Z4,, €ach term in brackets must vanish. The matrix inversion lemma, therefore,
yields the Riccati equation

Ki=ATK;,;(I+ BR'BTK; ;1) 'A+Q (2.90)
and the auxiliary homogeneous difference equation

M; = AT"M;, — ATK; (I + BR'BTK, 1) 'BR'B" M, ,
g; = ATgH_l — ATKH_l(I + BRilBTKH_l)ilBRilBTgH_l - Q.T:

We assume that z7 ; is a linear combination of z;, p;,, and some specific matrix
N; for all 4, i.e.

zi, = Uimi + Sipi; + hi (2.91)

Evaluating for ¢ = iy yields

Ui, (2.92)
Si, = (2.93)
hi, (2.94)
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Clearly, then
Uy =Ml (2.95)
The left-hand side of (2.91) is a constant, so take the difference to obtain
0=Uip1mit1 + Sivapi; + hiv1 — Uizi — Sipi; — hy (2.96)
Substituting x;+1 in (2.88) into (2.96) and rearranging terms, we have
[Uis1{A— B(B"Ki;1B+ R) 'B"K; 11 A} — Ul
+ [Sit1 — Si = U1 B(B" K11 B+ R)™'B" M; 11]p;,
+ hiy1 —hi —Uip1(I + BR'BTK, 1) 'BR™'BTg; ., =0 (2.97)
The first term says that
Ui =Ui1{A—-BBTK; 2 B+ R)"'BTK;,, A} (2.98)
The second and third terms now yield the following recursive equations:
S; = Siy1 — M}, | B(BTK; 1B+ R)"'B"M; 1, (2.99)
hi = hiy1 — M (I + BR'B"K;41) 'BR™'BTg;41  (2.100)
We are now in a position to determine p;,. From (2.91), we have

pi; = ;' (@], = M wiy — hiy) (2.101)

K2

We can now finally compute the optimal control
U; = —R_lBT[Ki+1$i+1 + Mi+1pif + giJrﬂ (2102)
by substituting (2.87) into (2.84).

u; can be represented in terms of the current state x;:
U; = —R_lBT(I + Ki+1BR_1BT)_1[Ki+1Axi + Mi+1pif + gi+1]’
= -R7'BT(I + Kiy 1 BR™'BT) 7 [Ky 1 Awi + My S; (],
— M i, — hig) + git1] (2.103)

0
What we have done so far is summarized in the following theorem.

Theorem 2.3. The LQTC for the fized terminal state is given in (2.108). S;,
M;, P;, gi, h; are as follows:
K;i=ATK;(I+BR'BTK; ;1) 'A+Q
M; =AM, — A"K; .\1(I+ BR'BTK, ;1) 'BR'BT M; ,
S; = Sit1— M} B(B"K; 1B+ R)"'BT M; 4
gi=ATgi1 — ATK; . (I+ BR'BTK; ;1) 'BR'BTg;,1 — Qu
hi=hit1 — M} (I+BR'B"K; 1) 'BR B g;11
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where

K

’Lf:07 M; =0

vf

:Ia Sif:Oa Giy =0, hi

if
1

It is noted that the control (2.103) is a state feedback control with respect
to the current state and an open-loop control with respect to the initial state,
which looks somewhat awkward at first glance. However, if the receding hori-
zon scheme is adopted, then we can obtain the state feedback control that
requires only the current state, not other past states. That will be covered in
the next chapter.

Replacing i with 4 in (2.103) yields the following closed-loop control:

u; = —R'BY(I + K;y1BR™'BT) ' [Kiy1 Az; + M1 S; "
x (xf, — M @i — hi) + git1] (2.104)

where S; is guaranteed to be nonsingular on ¢ < iy — n,.

If @ in (2.103) becomes zero, then (2.103) is reduced to (2.79), which is
left as a problem at the end of this chapter.

For the zero reference signal, g; and h; in Theorem 2.3 become zero due
to x7 = 0. Thus, we have

u; = —R'BY(I + K; 1 BR™'BY) K 1A — My 1S, M |z (2.105)

in the form of the closed-loop control. As seen above, it is a little complex
to obtain the closed-form solution for the fixed terminal state problem with
nonzero reference signals.

Example 2.1
The LQTC (2.103) with the fixed terminal state is a new type of a track-

ing control. It is demonstrated through a numerical example.
Consider the following state space model:

0.013 0.811 0.123 0.456
Thy1= | 0.004  0.770  0.096 | zj + | 0.018 | uy, (2.106)
0.987  0.903  0.551 0.821

@ and R in the performance criterion (2.69) are set to 100/ and I respectively.
The reference signal and state trajectories can be seen in Figure 2.4 where the
fixed terminal condition is met. A batch form solution for the fixed terminal
state is given in Section 3.5, and its computation turns out to be the same as
that of (2.103). 1



2.3 Linear Optimal Control with State Feedback

3

25 n|
Reference
ok J
Recursive
Batch

15F : 1
0.5 1

o ; ; ; ; i ;

0 10 20 30 40 50 60 70
(a) First component of the state

25 T T T T T T

Reference

:

Recursive Batch

0.5

0 10 20 30 40 50 60 70

(b) Second component of the state

7 T T T T T T

Recursive Batch

| \

Reference

0 L L L L L
0 10 20 30 40 50 60 70

(¢) Third component of the state

Fig. 2.4. State trajectory of Example 2.1
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Infinite Horizon Case

If iy goes to oo in (2.43), (2.45), and (2.46), an infinite horizon LQTC is
given by
uf = —[[+ R'BT"K B 'R™'B" [Koo Az; + gi1,00]

= —[R+ BT"K o B] 'BT[Koo Az + goo) (2.107)

where K, is a solution of the following algebraic Riccati Equation (ARE):

Koo = AT[I+ Koo BR'BT| 'K A+ Q (2.108)
= ATK A - ATK B[R+ BK BT "'BTK A+ Q (2.109)

and g is given by
goo = AT[I + Ko BR'BT] g0 — Q7" (2.110)

with a fixed reference signal z". The stability and an existence of the solution
to the Riccati equation are summarized as follows:

Theorem 2.4. If (A, B) is controllable and (A, Q%) is observable, the solution
to Riccati Equation (2.108) is unique and positive definite, and the stability
of u; (2.107) is guaranteed.

We can see a proof of Theorem 2.4 in much of the literature, e.g. in
[Lew86a]. The conditions on controllability and observability in Theorem 2.4
can be weakened to the reachability and detectability.

Here, we shall present the return difference equality for the infinite horizon
LQ control and introduce some robustness in terms of gain and phase margins.
From the following simple relation:

Ko —ATK A= (2" - ATK (2l —A) + (27T —ATK A
+ ATK (2] — A) (2.111)
Koo—ATK  Ain (2.111) is replaced with —AT K B(BT K B+R) 'BT K, A—
@ according to (2.109) to give
(2= ATKo(2I — A) + (27T — ATK A+ ATK (2] — A)
+ATK B(B'K. B+ R)"'BTK, A=Q (2.112)
Pre- and post-multiply (2.112) by BT (27 — A)~T and (21 — A)~'B
respectively to get
BTK B+ BTK A(zI —A)'B+ BT (:7'T - A)"TATK B
+ BTz ' T - A TATK  B(BTK B+ R) 'B"K_ A(zI — A)™'B
=BT(z7'1-A)TQ(I-A)"'B (2.113)
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Adding R to both sides of (2.113) and factorizing it yields the following equa-
tion:
BT(z: ' 1 - A)"TQ(:I —A) ™ 'B+R
=[I+ Kooz ' T = A)'BY(BTK B+ R)[I + Koo(2I — A)™'B] (2.114)
where Koo = [R+ BT KB 'BTKA.
From Equation (2.114), we are in a position to check gain and phase mar-

gins for the infinite horizon LQ control. First, let F(2) be I+ Ko (21 —A)~1
which is called a return difference matrix. It follows from (2.114) that

B'K . B+R=F T "YR+B'(>'T-A)"TQ(:I - A)~'BJF(2)
which implies that

7(BTKoB+ R) > 6%(F1(2))

x o[R+BY(27'T - A)~TQ(2I — A)™'B]  (2.115)
(MTSM) > o(S)5%(M) for S > 0. Recalling the two facts
o YF(2)] and 5(I — 2 1A) 1+ 3(A) for |z| = 1, we have
o[R+ BT (27T - A)"TQ(2I — A)~'B]

o(R)o[I+ R 3BT (271 — A)"TQ(zI — A)"'BR™ 7]

(R)[1+a " (R)g*(B)a(Q)5 (I — 2~ A)a]

(B)p o o e
SR+ *(Ba(Q)1 + 3 (4) o) (2.116)

where « is 1 when p < ¢ and 0 otherwise. Recall that the dimensions of inputs
u; and outputs y; are p and ¢ respectively. Substituting (2.116) into (2.115)
and arranging terms yields

Note that &

o[F~H(2)]

>
2>

=)

Y
IQ

UG > S S e o) + P (Bla@ 1+ a(4)) o]

A
= R} (2.117)

Let a circle of radius Ry centered at (—1,0) be C(—1, Rs). The Nyquist
plot of the open-loop system of the optimal regulator lies outside C(—1, Ry)
for an SISO system, as can be seen in Figure 2.5; the guaranteed gain margins
GM of a control are given by

(1+Ry)'<GM < (1—-Ry)™! (2.118)
and the phase margins PM of the control are given by
fQSin_l(%) <PM < 2sin_1(%) (2.119)

It is noted that margins for discrete systems are smaller than those for
continuous systems, i.e. 0.5 < GM < oo, and —7/3 < PM < w/3.
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-1+ Ry

0= 25in_1(%)

Fig. 2.5. Nyquist plot

2.3.2 H,, Control Based on Minimax Criterion

In this subsection we derive an H,, tracking control (HTC) for discrete time-
invariant systems in a state-feedback form. Consider the following discrete
time-invariant system:

ziy1 = Az, + Byw; + Bu;
. {Q%xz} (2.120)

Zi = 1
RZUZ‘

where z; € R™ denotes the state, w; € R the disturbance, u; € ™ the control
input, and 2; € 9" the controlled variable which needs to be regulated. The
H, norm of T3, (e?") can be represented as

Yot [l Qi + uf Ruy)

jw _ ~ fw\y _ i=i
[Tz (€7 oo = sup o (T2 (7)) = sup = T,
=109 %
s > el Qi+ uf Ru) = 7 (2.121)
will2=1 =,

where T:,,(e7%) is a transfer function from w; to 2; and () is the maximum
singular value. Z; in (2.120) is chosen to make a quadratic cost function as
(2.121).
The H,, norm of the systems is equal to the induced Lo norm. The H,
control is obtained so that the H,, norm is minimized with respect to ;.
However, it is hard to achieve an optimal H., control. Instead of the
above performance criterion, we can introduce a suboptimal control such that
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T (e7%)||oo < 72 for some positive gamma 2 (> 7*2). For || Tz (e7™) |00 <
~? we will obtain a control so that the following inequality is satisfied:
> e [x] Qi 4 uf Ruy) o2
Zzig wlw;

(2.122)

for all w;. Observe that the gain from ||w;||3 to ||2:]|3 in (2.122) is always less
than -, so that the maximum gain, i.e. Ho, norm, is also less than 2.
From simple algebraic calculations, we have

Z[%TQ% + ul Ru; — y*w]w;] <0 (2.123)

i=ig

from (2.122). Since the inequality (2.123) should be satisfied for all w;, the
value of the left side of (2.123) should be always negative, i.e.

oo
sup{ Z [l Qz; + ul Ru; — 72wiTwi]}< 0 (2.124)
Wi Ni=4,
In order to check whether the feasible solution to (2.124) exists, we try to find
out a control minimizing the left side of the inequality (2.124) and the corre-
sponding optimal cost. If this optimal cost is positive, then we cannot obtain
the control satisfying the Hy, norm. Unlike an LQ control, the fixed terminal
state is impossible in H., controls. We focus only on the free terminal state.

1 ) Free Terminal State

When dealing with the finite horizon case, we usually include a weighting
matrix for the terminal state, such as

ws

ig—1
max{ Z [xiTQa:i + uiTRui — yzw?wi] —|—J;£Qfxif} < 0 (2125

i=ig

A feasible solution u; in (2.125) can be obtained from the following difference
game problem:

min max J(u,w) (2.126)
where
ip—1
J(u,w) = Z {x;‘erZ + ul Ru; — v?wlw; +x;?'; Qywi; (2.127)
i=io

Note that the initial state is assumed to be zero in H., norm in (2.121).
However, in the difference game problem (2.126)—(2.127), the nonzero initial
state can be handled.
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Until now, the regulation problem has been considered. If a part of the
state should be steered according to the given reference signal, we can consider
ip—1
J(u, w) = Z [ (zi — 27T Q2 — 2F) + wi Ru; — v*w; Ryw)
i=ig
+ (Zif - Z:‘f)TQf(Zif - Z:f)
instead of (2.127). Here, z; = C,z; is expected to approach z.

It is well known that for a given p X n(p < n) full rank matrix C, there
always exist some n X p matrices L such that C,L = I,«,. For example, we
can take L = CT(C,CT)~L. Let o7 = Ly!. J(u,w) is rewritten as

ip—1
J(u,w) = Z {(xz — 2N TQ(x; — aT) + ul Ru; — v*w! Ryw;
(i, —2]) Qp(wi, — ) (2.128)

where Q = CTQC, and Qs = C’ZTQfCZ or @y and @ are independent design
parameters.
For the optimal solution, we first form the following Hamiltonian:

Hi = [(zi — 2)) " Q(zi — 2]) + uf Ru; — v*w] Ryw;]
+ phi(Ax; + Byw; + Bug), i =g, iy —1

The necessary conditions for u; and w; to be the saddle points are

Tit1 = OH = Ax; + B,w; + Bu; (2129)
Opit1
OH
pi=go = 2Q(z; — a7) + ATpiy (2.130)
OH
0= T = 2Ru; + BT piq (2.131)
0
0= 91 _ —2v2Ryw; + Blpiy (2.132)
8wi
Oh(x;,) ;
pi, = W;f =2Qy(wi; — xj,) (2.133)
where
h(zi;) = (i, — mgf)TQf(mif - ﬂfif) (2.134)
Assume

From (2.129), (2.131), and (2.135), we have
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OH;
ou; = 2Ru; + BTpiJrl
(2
= 2Ru; + ZBTM¢+1,ifSCi+1 + QBT9¢+1,if
= 2Ruz + 2BTMi+17if [Al‘z + wai + Buz] + 2BTgl'+17if
Therefore,
0*H;
au; =2R+2B"M;1,,B
It is apparent that a;jéi > 0 for ¢ = ig,--- ,4y — 1. Similarly, we have
OH,i 2 T T
8w4 = —2’7 wai =+ QBwMi+1,if [AiCZ + wa,- + B’U/l] + QngiJrLif
K3
Therefore,
0%*H;
57 = —27*Ry, + 2B M; 414, B,

From these, the difference game problem (2.126) for the performance criterion
(2.128) has a unique solution if and only if

Ry =y ?BiM1:, By >0, i=ig, - iy —1 (2.136)

We proceed to obtain the optimal solution w; and v;. Eliminating u; and
w; in (2.129) using (2.131) and (2.132) yields

Tip1 = Az + %(—BR*BT +~ 2By Ry,' BD)pia (2.137)
From (2.135) and (2.137) we obtain
Pit1 = 2Mit1i,Tit1 + 29iv1,4,
=2M;y14, Az + Mz‘+1,z‘f(*BRleT +7 ?ByRy' B )pis1 + 2git1,if
Therefore,
Piv1 =2[I + M1, (BR™' BT —472By, R, Byl (Miy1,i, Ai + givaiy)

Let
A1, =1+ My, (BR'B" —y7?B,R,'B.) (2.138)

Then p;41 is rewritten as
Diy1 = 2/11-11171-1, (Mg 1,6, ATi + iy, (2.139)
If we substitute (2.139) into (2.130), then we obtain
pi = 2Q(x; — xf) + 2AT ALY (Mg, Ai + gigr i)

= Q[ATAi_Jrll,ifMi"rLifA + Q]Z‘Z + QATAi_Jrll,ifgi‘f‘laif — QQJ?:
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Therefore, from (2.133) and the assumption (2.135), we have

M’i,if = ATA;;l,ifMi+17ifA + Q (2140)
M, i, = Qf (2.141)
and
giyif = ATA;—:I,ifgi+1vif — Ql’: (2.142)
gi‘f,if = —Qf{L‘;‘f (2143)

for ¢ =1g,---,iy — 1. From (2.136), we have

_1 _1
I —~y2Ry?BL M1, ByRu’ >0 (2.144)
1 B 1
I=y72Mp2, ; BuRy'BuM2, ;>0 (2.145)

where the second inequality comes from the fact that I — SST > 0 implies

I-S878>0. Ai_-‘rll,ifMi“Flvif in the right side of (2.140) can be written as

—1
A Mg,

—1
= [I + M;t1,,(BR'BT — 7_QBwR;1B£)] My,

—1
= Miimf {I + Miiuf(BRleT - 72BwalBg)Mﬁr1,iJ Mi§+1,z‘f
>0

where the last inequality holds because of (2.145). Therefore, M; ;, generated
by (2.140) is always nonnegative definite.
From (2.131) and (2.132), the Ho, controls are given by

’U,;k _ 7R—1BTA;+11,” [Mi+1,ifASCi -+ gi+17if] (2146)
wi = W_QR;lBg/l;_ll,if [Miy1i;Azi + giv1,i,] (2.147)

It is noted that ] is represented by
u;‘ =H;x; +v;
where
H;y = —R'BYAL , Mg, A
_ —1pT 4-1
vi=—-R"B Ai+1’ifg7;+1,if

Here, H; is the feedback gain matrix and v; can be viewed as a command
signal.
The optimal cost can be represented as
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J* = xiTMmfa:i + 2.1‘?91'7” + hi,if (2148)

where M;;, and g;;, are defined as (2.140) and (2.142) respectively. The
derivation for h;;, is left as an exercise.

The saddle-point value of the difference game with (2.128) for a zero ref-
erence signal is given as

J*(wi,iyip) = a] Mg, @ (2.149)

Since M; ;, is nonnegative definite, the saddle-point value (2.149) is nonneg-
ative.

To conclude, the solution of the HT'C problem can be reduced to finding
Mi,if and Giiy for i =4p,--- ,iy — 1. The Riccati solution Mi,if is a symmet-
ric matrix, which can be found by solving (2.140) backward in time using the
boundary condition (2.141). In a similar manner, g; ;, can be found by solving
(2.142) backward in time using the boundary condition (2.143).

For a regulation problem, i.e. 7 = 0, the control (2.146) and the distur-
bance (2.147) can also be represented as

* T
[%*] =-R.; [%T] Mitr,i, Az (2.150)
T T [ BT
M, = A" Mgy, A— A" Miy1, [B Buw|R_; [ BT:| Mitq,i, A
w

where

Rci:

)

BT R 0
|: BZ;:| Mi+1vif [B Bw] + |:0 _72Rw:|

It is observed that optimal solutions u* and w* in (2.150) look like an LQ
solution.

For a positive definite ) y and a nonsingular matrix A, we can have another
form of the control (2.146) and the disturbance (2.147). Let

I=BR'B-~y*B,R,;'BL (2.151)

It is noted that M, ;, is obtained from K;;, of the LQ control by replacing
BR™'BT by II. If M; ;, is nonsingular at i < iy, then there exists the following
quantity:

=Mt

Py, ivis

In terms of P;;,, (2.146) and (2.147) are represented as

uf = —R_lBTPijrlL,;f [Az; + (Piy1i, — 1) Giv1.y) (2.152)
wi =y 2R, By Py [Axi + (P — Mgivn,)  (2.153)
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where
Piip = A7 Py, [T+ ATIQAT Py | AT + T (2.154)
and
Giviy = _ATqu-le‘f (Pit1,i; — ) git1,i, — Qf (2.155)
with

Py = Mz;lzf +1I = Q;l +11>0, gi;qp =—Qpxi,  (2.156)

Here, Q¢ must be nonsingular.

Note that Pi’_i; is well defined only if M; ;, satisfies the condition

if
Ry — v ?BIM;i1,By >0 (2.157)

which is required for the existence of the saddle-point.
The terminal weighting matrix @ cannot be arbitrarily large, since M, ;,
generated from the large M;, ;, = Qy is also large and thus the inequality

condition (2.136) may not be satisfied. That is why the terminal equality con-
straint for case of the RH H,, control does not make sense.

Infinite Horizon Case

From the finite horizon H, control of a form (2.150), we now turn to the
infinite horizon H, control, which is summarized in the following theorem.

Theorem 2.5. Suppose that (A, B) is stabilizable and (A,Q?) is observable.
For the infinite horizon performance criterion

inf sup Z [x;‘erz +u Ru; — 72wlTwai] (2.158)
CWi g,

the Hoo control and the worst-case disturbance are given by

uf _ __p-1 BT )
]t

My = ATMA—A"My [B By R;L { ] My A (2.159)

where
c, Bwl [ee] w 0 2 Rw

if and only if the following conditions are satisfied:
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(1) there exists a solution My, satisfying (2.159);
(2) the matrix

BT
A-[B B,]R:L { BT] My A (2.160)
is stable;
(8) the numbers of the positive and negative eigenvalues of [g VOQR ]
- w

are the same as those of R¢ o;
(4) Mo > 0.

We can see a proof of Theorem 2.5 in much of the literature including
textbooks listed at the end of this chapter. In particular, its proof is made on
the Krein space in [HSK99).

2.4 Optimal Filters

2.4.1 Kalman Filter on Minimum Criterion
Here, we consider the following stochastic model:

Tit1 = Ax; + Bu; + Gu;, (2.161)
yi = Cai+ v (2.162)

At the initial time ig, the state x;, is a Gaussian random variable with a mean
Z;, and a covariance P;,. The system noise w; € R and the measurement
noise v; € R? are zero-mean white Gaussian and mutually uncorrelated. The
covariances of w; and v; are denoted by @,, and R, respectively, which are
assumed to be positive definite matrices. We assume that these noises are
uncorrelated with the initial state z;,.

In practice, the state may not be available, so it should be estimated from
measured outputs and known inputs. Thus, a state estimator, called a filter,
is needed. This filter can be used for an output feedback control. Now, we will
seek a derivation of a filter which estimates the state x; from measured data
and known inputs so that the error between the real state and the estimated
state is minimized. When the filter is designed, the input signal is assumed to
be known, and thus it is straightforward to handle the input signal.

A filter, called the Kalman filter, is derived for the following performance
criterion:

E(z; — £4)" (@i — #4)|Y3] (2.163)

where &;|; is denoted by the estimated value at time ¢ based on the measure-
ment up to j and Y; = [yi,, - , ¥ . Note that T); is a function of Y;. &1}
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and Z;|; are often called a predictive estimated value and a filtered estimated
value respectively.
From Appendix C.1 we have the optimal filter

We first obtain a probability density function of z; given Y; and then find out
the mean of it.
By the definition of the conditional probability, we have

p(x’m}/l) p(mi,y’ia}/i—l)
= = 2.165
p(Yi) P(yi, Yi-1) (2.165)

The numerator in (2.165) can be represented in terms of the conditional ex-
pectation as follows:

p(x;]Y;)

(@i, Yi, Yie1) = p(yil s, Yie1)p(as, Yie1)
p(yilzi, Yie1)p(zi|Yio1)p(Yiz1)
p(yilzi)p(ziYi—1)p(Yi-1) (2.166)

where the last equality comes from the fact that Y;_; is redundant information
if x; is given. Substituting (2.166) into (2.165) yields

p(a|v;) = PWilzap@lVi)p(¥imy) _ plyilza)p(zaVi-1)p(Yio1)
o p(yi, Yio1) p(yilYic1)p(Yic1)
_ pilzi)p(xi|Yiz1)
= YD) (2167

For the given Y;, the denominator p(y;|Y;—1) is fixed. Two conditional prob-
ability densities in the numerator of Equation (2.167) can be evaluated from
the statistical information. For the given z;, y; follows the normal distribution,
ie. y; ~ N(Cz;, Ry). The conditional probability p(z;|Y;—1) is also normal.
Since Elz;|Yi—1] = &;,-1 and Ef(z; — &);-1) (i — fiu—l)T\Yi—l] = Pji—1,
p(2;]Yi—1) is a normal probability function, i.e. N'(&;j;—1, Piji—1). Therefore,
we have

: lyi — Ca;) " Ry M [y — C%‘]}

p(yilz:) = ;eXp{——
T /@n)mR,| 2

1 1 R _ .
p(zi|Yic1) = W eXP{—§[%‘ - xi\iq]TP“il_l[a?i - JUz‘|i1]}
ili—1

from which, using (2.167), we find that
1 _
p(z;]Y;) = CeXp{_§[yi — Czi R, [y — O]} x

1 2, — A~
exp{—i[l’i - $i|z'—1]P»|i1,1[96i — Ziji-1]} (2.168)

3



2.4 Optimal Filters 51

where C is the constant involved in the denominator of (2.167).

We are now in a position to find out the mean of p(z;|Y;). Since the
Gaussian probability density function has a peak value at the average, we will
find x; that sets the derivative of (2.168) to zero. Thus, we can obtain the
following equation:

—2CT R, Y (y; — Cx;) + 2P [ (zi — 24ji—1) =0 (2.169)

i|li—1

Denoting the solution x; to (2.169) by #;); and arranging terms give

Ty = (I + Pi\iACTR;lC)_limq

+ (I+.qu‘i_1CTR;:LC)71PZ'|Z‘_1CTR;1:I/7; (2170)
- [I - Pi|i,1C'T(C'Pi|i,1OT + Rv)ilc]jfi‘ifl
+ Pi\iflcT(Rv + CPz‘\iACT)_lyi (2.171)
= Zjji—1 + Ki(yi — CZyi-1) (2.172)
where
K; 2 Py CT(Ry + C Py, CT) (2.173)

Z;41); can be easily found from the fact that
Tip1)i = Elrin|Yi] = AE[z;]Y;] + GE[w;]Y;] + Bu;
P;1); can be obtained recursively from the error dynamic equations.

Subtracting x; from both sides of (2.172) yields the following error equa-
tion:

where i‘lh é £z|z — X and i‘i|i71 = JA?Z“,L‘,1 — ;. From (2175) and (2161), an
additional error equation is obtained as
From (2.176) and (2.177), P;; and P;,,|; are represented as
Py = (I - KC)Py1(I - K;C)" + KR, K; = (I — K;C)Pyj;_y
Py = APmAT +GQ.,G"

= APi|i—1AT + GQwGT
— APy _1CT (R, + CPyi_,CT)7OPy,_ AT (2.178)
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The initial values #;,,,—1 and Pj j;,—1 are given by Elx;)] and E[(Z;, —
23, )(%i, — Ti,)T], which are a priori knowledge.
The Kalman filter can be represented as follows:

:%i+1\i = A‘%iﬁ—l + APZCT(CPZCT + Ry)_l(yi — Ciﬁ”l_l) (2179)
where

Pi1 = APAT — AP,CT (R, + CP,CT)'CPAT + GQ,GT
= A[l + PCTR;'C)' P, AT + GQ.GT (2.180)

with the given initial condition P;,. Note that P; in (2.179) is used instead of
Piji1.

Throughout this book, we use the predicted form #;;_; instead of filtered
form &;);. For simple notation, #;;_; will be denoted by Z; if necessary.

If the index 7 in (2.180) goes to oo, then the infinite horizon or steady-state
Kalman filter is given by

flAji+1|,L' = Ai’i\i*l + APOOCT(CPOOOT + Rv)_l(yi — C.’f?l‘lfl) (2181)
where

Py, = AP AT — AP, .CT(R, + CP.CT)"'CP AT + GQ,G"
= A[l + P.,CTR;'C1 ' P AT + GQ,GT (2.182)

As in LQ control, the following theorem gives the result on the condition
for the existence of P, and the stability for the infinite horizon Kalman filter.

Theorem 2.6. If (A, G) is controllable and (A, C) is observable, then there is
a unique positive definite solution Py, to the ARE (2.182). Additionally, the
steady-state Kalman filter is asymptotically stable.

We can see a proof of Theorem 2.6 in much of the literature including
textbooks listed at the end of this chapter. In Theorem 2.6, the conditions
on controllability and observability can be weakened to the reachability and
detectability.

2.4.2 H, Filter on Minimax Criterion
Here, an H, filter is introduced. Consider the following systems:

ziy1 = Az + Byw; + Bu;
yi = Ca; + Dyyw; (2.183)

zi = CLx

where z; € R” denotes states, w; € R disturbance, u; € ®™ inputs, y; € RP
measured outputs, and z; € R? estimated values. B,,DL = 0 and D,,DI =
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I are assumed for simple calculation. In the estimation problem, the input
control has no effect on the design of the estimator, so that B in (2.183) is set
to zero and added later .

Our objective is to find a linear estimator &; = T(Yiy, Yig+1," - > Yi—1) SO
that e; = z; — Z; satisfies the following performance criterion:
if T
L .oele;
sup M <2 (2.184)
iy T
wiF0 ) =g Wi Wy

From the system (2.183), we obtain the following state-space realization

that has inputs [w? 2717 and outputs [e] y]] as

K2 K2

Tit1 Z;
€; = w; (2185)
Yi Zi

under which we try to find the filter represented by

2i = T Wins Yio+15" " > Yi-1) (2.186)

The adjoint system of (2.185) can be represented as

T

i'i ji+1 AT CT CT i‘i-‘rl
Wi | = & | =|BT0o DT | | & | (2187)
Zi Yi 0|=I 0 Yi

where Z;, 11 = 0 and @ = iy,iy — 1, ,ip. Observe that the input and the
output are switched. Additionally, time indices are arranged in a backward
way. The estimator that we try to find out is changed as follows:

Ui ZT(éz'f,éif—l,”'  2it1) (2.188)

where T'(-) is the adjoint system of T'(-). Now we are in a position to apply
the H, control theory to the above H, filter problem.

The state feedback H., control is obtained from the following adjoint
system:

=A%+ CTg + & (2.189)
w; = B#;1 + DLy (2.190)
%= —¢ (2.191)
Gi = T(Zi,, 2ip—10 7+, 2i41) (2.192)

From the above system, the 3; and w; are considered as an input and controlled
output respectively. It is noted that time indices are reversed, i.e. we goes from
the future to the past.

The controller T'(-) can be selected to bound the cost:
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max ———t—— <7 (2.193)

2 . iy T
Heq,Hz,[o,zf]?éO Zi:io €; €;

According to (2.146) and the correspondence
Q+«— ByBY, R—1, Ry« I, AT — A, B—C" B, — C,

w?

the resulting controller and the worst case €; are given:

Ji = —L]; Ziy1, &= —NJ i1 (2.194)
where
Li;, = CIL; ;850 AT, Ny = —C.T 5 Siig AT (2.195)
Sit1iy = ASi iy I A AT + By By, (2.196)
Liig =T+ (CTC —~y72CLC.)Sisy (2.197)
with Sj, .4, = 0. In Figure 2.6, controls using Riccati solutions are represented

in forward and backward ways. The state-space model for the controller is
given as
Zi =A% - CTL], #:11+ CTé (2.198)

gi = —Li; T, (2.199)

which can be represented as

| _[AT=CTL], |CT] [#in
Ui | —LT 0 €

l,ig
A= e o] 2200
p— T ~ *
_Li,ig 0 Zi
Backward way
Yip =0 Ui =9(Sii)Tit1 Gy = 9(Sisig)%i41 =0
8 3 T
0 1 1 i ir—1 1
_y0 Pt 4 =9

Uiy = f(Mio—i-l,if)'rio =0 uj = f(My1,.); Ui, =0
Forward way

Fig. 2.6. Computation directions for Ho filter



2.4 Optimal Filters 55

which is a state-space realization for the control (2.188). The adjoint system
of (2.200) is as follows:

Nit1 | AT_CTLZ¢0| -7 g M| [A=LiiyC| —Lis, | [
Z| —L] | 0 vi| -C. | 0 Yi

1,10

which is a state-space realization for the filter (2.186). Rearranging terms,
replacing —7; with Z;, and adding the input into the estimator equation yields
the H, filter

2i = Co2y, #iy1 = A% + Bui + Ly, (yi — C2) (2.201)

The H. filter can also be represented as follows:

5 = Oy, ip1 = Ay + ASiy, [CT CT| R [y - 3‘”0 ] (2:202)

Sit1io = ASi AT — ASiy, [CT CT| Ry} { g ] S;.is AT + B, B (2.203)
where
o Ip 0 O o T T
mu=[0 ) [6]swlomen

It is observed that the H, filter of the form (2.202) and (2.203) looks like the
Kalman filter.

From the finite horizon H, filter of the form (2.202) and (2.203), we now
turn to the infinite horizon H., filter. If the index ¢ goes to oo, the infinite
horizon H,, filter is given by

2 = Coty, #ip1 = Al + A9 [CT CT Ry L, {y - ff”” } (2.204)

L [C
Seo = ASwAT — AS [CT CTR; L [ Oz] SAT + B, BT (2.205)
where
— IP 0 C T T
Rf o = [0 _VQIq] + [C] S [CT CT] (2.206)

As in the infinite horizon H,, control, the following theorem gives the result
on the condition for the existence of S, and stability for the infinite horizon
H filter.

Theorem 2.7. Suppose that (A, B) is stabilizable and (A, Q%) is observable.
For the following infinite horizon performance criterion:

b eTez-

1=19 1 2
max ———— < 2.207
w; #0 Z;.iio wiTwi 7 ( )

the Hoo filter (2.204) exists if and only if the following things are satisfied:
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(1) there exists a solution S satisfying (2.205);
(2) the matriz

A—AS. [CT CT]R; L, [OC ] (2.208)

18 stable;
(3) the numbers of the positive and negative eigenvalues of Ry o in (2.206)

are the same as those of the matriz I 02 ;
0 —v21,
(4) S > 0.
We can see a proof of Theorem 2.7 in a number of references. The H,
filter in Theorem 2.7 is obtained mostly by using the duality from the H,

control, e.g. in [Bur98]. The Krein space instead of the Hilbert space is used
to derive Hy, filters in [HSK99].

2.4.3 Kalman Filters on Minimax Criterion

We assume that @,, and R, are unknown, but are bounded above as follows:
Qu < Qo, Ry <R, (2.209)

The Kalman filter can be derived for the minimax performance criterion given
by

min m

N ~ T
L Qu<Quiitu<R, Bl@: = &ii-1) (@i = Ziji-1)”]

From the error dynamics

Zipa)i = [A = LiC)&;i1 + [ G —Li] {wl]

Vi

where Z;;_1 = @; — %;);—1, the following equality between the covariance
matrices at time 7 + 1 and i is satisfied:

Piy1=[A—-L,C]PJA—- L,C]" + [G L;] {%w 12} [gﬂ (2.210)

As can be seen in (2.210), P; is monotonic with respect to @, and R,,, so that
taking @,, and R, as @, and R, we have
o 0 GT
Pi+1 = [A — LzO]PL[A — LZO]T + [G LZ} |:QO RQ:l l:Lfil (2211)

It is well known that the right-hand side of (2.211) is minimized for the solu-
tion to the following Riccati equation:

Pi1 = —AP,CT(R, + CP,CT)'CPAT + AP AT + GQ,GT
where L; is chosen as
L; = AP,CT (R, + CP,CT)™! (2.212)
It is noted that (2.212) is the same as the Kalman gain with @, and R,.
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2.5 Output Feedback Optimal Control

Before moving to an output feedback control, we show that a quadratic per-
formance criterion for deterministic systems with no disturbances can be rep-
resented in a square form.

Lemma 2.8. A quadratic performance criterion can be represented in a per-
fect square expression for any control,

ip—1
Z [f?Q:Ul + uiTRui] + xZ;Qfxif
’i:’io
ip—1
= Z {—’Cll'l + uz}T[R + BTKZB]{—’CZ.’M + 'LLZ} + (E;[;Kioxig (2213)

i=io
where IC; is defined in
Ki 2 (BTKis\B + R,)'BTK; 11 A (2.214)
and K; is the solution to Riccati Equation (2.45).

Proof. Now note the simple identity as

ip—1

§ T T T T
[(EZKZ.’EZ — CL’i+1Ki+1"Ei+1] = wioKiomio — xifKif‘rif

=10

Then, the second term of the right-hand side can be represented as
ip—1
xg,Kifxif = mZ)KioxiO - Z (2 Kix] — 21 Kipia)y ]
i=ig
Observe that the quadratic form for x;, is written in terms of the x; on

[iop iy — 1]. Substituting the above equation into the terminal performance
criterion yields

ip—1
Z [szsz + uZTRuz] + mg;Qfxif
1=10
ip—1 ip—1
= Z [SCZTva + ’LLZTRIM] + ZE;-I;KiO:ZEiO — Z [IlKlJCZT — £E7+1K7+1I;T+1](2215)
1=10 1=10

If 2,11 is replaced with Ax; + Bu;, then we have
if—1
> [m?(@ — K + ATK; A)z; + u BTK, Az

i=ig
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If K; satisfies (2.45), then the square completion is achieved as (2.213), This
completes the proof. |

2.5.1 Linear Quadratic Gaussian Control on Minimum Criterion

Now, we introduce an output feedback LQG control. A quadratic performance
criterion is given by

ip—1

J = Z E[x?sz +ul Rui|yio1, yi—2, ,yio}
i=ig
+ E{ngfxif Yig—1,Yip—2, " ,yio} (2.217)
subject to u; = f(yi—1, - ,¥i,). Here, the objective is to find a controller u;

that minimizes (2.217). From now on we will not include the condition part
inside the expectation for simplicity. Before obtaining the LQG control, as
in the deterministic case (2.213), it is shown that the performance criterion
(2.217) can be represented in a square form.

Lemma 2.9. A quadratic performance criterion can be represented in a per-
fect square expression for any control,

if—1
E [Z [xlTQ:vl + uZTRuZ] + xz;Qfxif]

i=io
if—1
i=io
ip—1

+tr[ Y KiGQuG] + Ela] Ki i, (2.218)
i=io
where K; is defined in

Ki: 2 (BTK; 1B+ R)"'BTK,; 1A (2.219)

and K; is the solution to Riccati Equation (2.45).

Proof. The relation (2.215) holds even for stochastic systems (2.161)-(2.162).
Taking an expectation on (2.215), we have

if—l

E {Z [szQxl + uzTRuZ] + :E,Tf Qf:cif}
i=ig
ip—1

- F {Z [m?Qxi + u?Rul] + :Eg;KioxiO

1=10

ip—1
— Z [lel.’E;T - l'i+1Ki+1$g1+1]:| (2220)

i=ig
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Replacing x;41 with Az; + Bu; + Gw; yields
ip—1

i=ig

+ 2l ATK; 1 Bu; +ul (R+ BTKiB)ui]} +E {x;f’;Kiomio}

ip—1
+ tr[z KZ-GQU,GT} (2.221)

i=io
If K; satisfies (2.140), then the square completion is achieved as (2.218). This
completes the proof. |

Using Lemma 2.9, we are now in a position to represent the performance
criterion (2.217) in terms of the estimated state. Only the first term in (2.221)
is dependent on u;. So, we consider only this term. Let Z;;_, be denoted by
Tiji-1 = Elzilyi—1,Yi—2, -, Yi,)- According to (C.2) in Appendix C, we can
change the first term in (5.69) to

ip—1 i1
B (Kiwi +u) " Ri(Kizi +ug) = Y (Kids +wi) " Ri(Kidei + us)
i=io i=io
i AL ~ AL
+ tr R?K;PKIR? (2.222)
i1=1ip0+1

where

R; 2 R+BTK,B (2.223)

and P; is the variance between Zjji—1 and z;. Note that K;Z;;_1 + u; =

E[ICl{Zfi -+ U; | Yi—1,Yi—2, """ ’yio} and tI‘(RJCZPZICZT) = tI‘(R?KlszC,LTRE)
We try to find the optimal filter gain L; making the following filter mini-
mizing P;:

Tip1)s = AZjji—1 + Li(ys — C245-1) + Buy (2.224)
Subtracting (2.161) from (2.224), we have
Tig1)i = Tig1i — Tip1 = (A — LiC)Zyi—1 + Liv; — Guw; (2.225)
which leads to the following equation:
Py = (A-L;C)Py(A - L;O)T + LR, LT + GQ,GT (2.226)

where P; is the covariance of Tjj;—1. As can be seen in (2.226), P, is indepen-

dent of u;, so that P; and u; can be determined independently. 131‘+1 in (2.226)
can be written as
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T
Py = |Li(CPCT + R,) — AP, | (CP,CT + R)~' | Ly(CP,CT + R,) — AP,

+ GQLGT + AP(CP,CT 4+ R,) ' B,AT
> GQuG" + AP(CP.C" + R,) "B AT (2.227)
where the equality holds if L; = AP,CT (R, + CP,CT)1.
It can be seen in (2.227) that the covariance P; generated by the Kalman

filter is optimal in view that the covariance P; of any linear estimator is
larger than P; of the Kalman filter, i.e. P; < P,;. This implies that tr(P;) <

tr(B), leading to tr(R? K;P;,KTR?) < tr(RZ K;PKTR?). Thus, the d;_y
minimizing (2.222) is given by the Kalman filter as follows:

Ziy1)i = Adyjim1 + [AR,CT(Ry + CP,CT) (y; — Cdyji—1) + Bu; (2.228)

P = GQLGT + AP(CP,CT + R,)'PRAT (2.229)

with the initial state mean Z;, and the initial covariance P;,. Thus, the fol-
lowing LQG control minimizes the performance criterion:

uj = —(B"K;41B+ R) 'BT K41 Ay (2.230)

Infinite Horizon Linear Quadratic Gaussian Control

We now turn to the infinite horizon LQG control. It is noted that, as the
horizon N gets larger, (2.217) also becomes larger and finally blows up. So,
the performance criterion (2.217) cannot be applied as it is to the infinite
horizon case. In a steady state for the infinite horizon case, we may write

min.J = min B[z} Qz; + ul Ruy] (2.231)
Uq Ujg
1 2m . .
= min —/ tr(7 (?*)T*(e’Y)) dw (2.232)

where 7 (e/*) is the transfer function from w; and v; to u; and ;. The infinite
horizon LQG control is summarized in the following theorem.

Theorem 2.10. Suppose that (A, B) and (A, G) are controllable and (A, Q?)
and (A,C) are observable. For the infinite horizon performance criterion
(2.232), the infinite horizon LQG control is given by

uj = —(B" KB+ R) ' BT Ko Ay (2.233)
where

Ko =ATK  A—~ ATK B[R+ BK, BT "'BT"K, A+ Q
Fipali = Adgji1 + [APCT (Ry + CPoCT) Y (y; — Ciyjioy) + Bug
Py = GQuWGT + AP, (CP..CT + R,) 1P AT
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We can see a proof of Theorem 2.10 in many references, e.g. in [Bur98,
Lew86b]. The conditions on controllability and observability in Theorem 2.10
can be weakened to the reachability and detectability.

2.5.2 Output Feedback H,, Control on Minimax Criterion

Now, we derive the output feedback H., control. The result of the previous
H filter will be used to obtain the output feedback H., control. First, the
performance criterion is transformed in perfect square forms with respect to
the optimal control and disturbance.

Lemma 2.11. H, performance criterion can be represented in a perfect
square expression for arbitrary control.
ip—1
Z {x?@xz +ul Ru; — v*w! Ryw; +x;?';Qfxl-f
i=io
ip—1
= X | = Vs ) = 2% = D) Wi~ )
i=ig
+ a] Mz, (2.234)
where w; and u; are given as
= (v’ Ry — BM;11By) ' By Miy1(Az; + Bu;) (2.235)
= R 'BTM; 1[I+ (BR'BT — 2B, R,'BI)M, 1] Ax; (2.236)
Vi=R+B"M; (I -y ?B,R,'BLM; 1) 'B
Wl' = ’YQRU, — BgMi+1Bw

*
%
*
%

and M; shortened for M; ;, is given in (2.140).

Proof. Recalling the simple identity as

ip—1
§ : T T T T
[a:iMixi — xi+1Mi+1xi+1] = xioMioxio - 'rifMifxif
i=ig
we have
ifp—1
T T T § : T T
mifMZ-fxif = l'ifo{Eif = xioMioxio — [.’L'Z MZ.’IJZ - (Ei+1Mi+1.’IJi+1] (2237)
i=ig

By substituting (2.237) into the final cost ngfxif, the H,, performance
criterion of the left-hand side in (2.234) can be changed as
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ip—1
T T 2, T T
E [3:1 Qx; + u; Ru; — y*w; wai] + xifoxif
i=io
ip—1
T T 2, T T
= E (] Qz; + u] Ru; — v*w] Ryw;| + a], M;, x4,
i=io
T T
- E [#; Mix; — i Mip12i41]
i=io
if—1
T T 2, T T
= g [ch Qx; + u; Ru; — v w; Ryw; — x; Mz,

i=1g

+ $1T+1Mi+193i+1} g Mgy, (2.238)

Now, we try to make terms inside the summation represented in a perfect
square form. First, time variables are all changed to 7. Next, we complete the
square with respect to w; and u; respectively.

Terms in the summation (2.238) can be arranged as follows:

37?+1Mi+1$i+1 — x?Mlxl + x?Qmi + u;prui — 'waZTwai
+ 27 Qx; + ul Ru; — v*w! Ryw;
= A?;,iMi-‘rle,i + wiTBZ;Mi+1Ao,i —+ AziMi+1wai
—wl(v?Ry — BEM, (1 By)w; + x] (—=M; + Q)x; +ul Ru;  (2.239)
where A, ; = Az; + Bu;. Terms including w; in (2.239) can be arranged as

U};TBZ:MZ'_;'_lAO,i + AZiMi+1wai - ’w;T(’yZRw - B'Z:Mi-i-le)wi
= —WiT(’}/sz — BZ:MZ'+1B’UJ)71W’L-
+ AL M1 By(Y’ Ry — By Mi1By) ' BL M1 A, (2.240)
where W; = (v?R, — BLM; 1By )w; — BEM; 1 A,,. After completing the

square with respect to disturbance w;, we try to do that for the control w;.
Substituting (2.240) into (2.239) yields

—W (v’Ry — ByM;11B,) "' W;
+ AZ,iMi+1Bw(’Y2Rw ~ BIM; 1 B,) *BEM; 1 A,
+ AT M1 Ao + 2 (= M; + Q)zi + uf Ru;
= W (¥’Ry — BiyMij1By) " 'Wi + A7 My 1 (I — v 2By Ry B M) ™!
X Ao+ o] (—=M; + Q)w; + u] Ru, (2.241)
where the last equality comes from

P(I-RQ'RTP)"' =P+ PR(Q—-R"PR)"'RTP
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for some matrix P, R, and Q.
The second, the third, and the fourth terms in the right-hand side of
(2.241) can be factorized as

(Ax; + Bui)TMHlZi_l(Axi + Bu;) + ' (—M; + Q)x; + ul Ru;
=ul'[R+B"M; 127 Blu; +ul B'M; 1 27  Axy 4+ 2T AT M, 1 2,7 Bu,
+ 2] [ATM; 1 27 A — M; + Qlz; = U [R+ BT M1 2, ' B] U, (2.242)
where
Ui = [R+B"M;41 2, ' Blu; + BT M1 2] Az
Zi=1—-~y"2ByR,'B" M,
and the second equality comes from the Riccati equation represented by

M; = A" M; (I + (BR'BT —~2B,R,'BLYM; ;1) 'A+Q
=ATM; 1 (2, + BR'BTM,; 1) ' A+ Q

=AM |27 = 27" BRI\ BT (M1 Z27'BR'BT + 1) M1 2| A
+Q

or
ATM; 1 Z7PA - M+ Q
= A"M; 1 Z7'BRT'BT(M; 1 Z7'BRT'BT + )T M1 27 A
=A"M; 1 Z7'B(B" M1 2,7 ' B+ R)"'BTM; 1 27 A
This completes the proof. |

Note that by substituting (5.154) into (5.153), w; can be represented as

wi =y 2R,'BYM; 1[I + (BR'BT — v 2B, R;'BY)M; 1] Axz;

w

which is of very similar form to u}.

For the zero initial state, the inequality

ip—1
Z [xZTsz + uiTRui — 72wiTwai +a:,7; Qrzi, <0 (2.243)
i=io
guarantees the bound on the following oo norm:
ip—1
S il (i — uf) TV (u; — uf) 9

Sup ip—1 *\T o <7
sz'|\2,[o,z‘f]750 Ei:io (U)z’ - wl) Wi(wi —w; )

(2.244)

where u} and w] are defined in (5.154) and (5.153) respectively. Here, R,, = I,
D,BL =0, and D,,DT = I are assumed for simple calculation.
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According to (2.244), we should design u; so that the H norm between
the weighted disturbance deviation

Aw; 2 WEw; — W2 (421 — BT M1 By) BT M; 1 (Az; + Buy)
and the weighted control deviation
Au; B V2w + V2 RBT M 0[] + (BRBT — 4 2B, BY)Miy1) ' Az
is minimized. By using Aw;, we obtain the following state-space model:

_1
Tit1 = AayifEi + Ba’iui + Bsz 2 Aw;
1
y; = Czy + D,W, ? Aw; (2.245)

where Aa,i = A+ Bw(’yQI — BZ;M/L'_A'_le)ilBZ:MfL’_A'_lA, and Ba,i = B+
Byw(Y*I — BEM;1B,,) BT M; 1 B. Note that D, Bl = 0 is assumed as
mentioned before.

The performance criterion (2.244) for the state-space model (2.245) is just
one for the H, filter that estimates u; with respect to Aw; by using mea-
surements y;. This is a similar structure to (2.183). Note that the variable z;
in (2.183) to be estimated corresponds to u}. Using the result of H, filters,
we can think of this as finding out the output feedback H., control u; by
obtaining the estimator of u;.

All derivations require long and tedious algebraic calculations. In this
book, we just summarize the final result. The output feedback H,, control
is given by

Uy = — of.,ifi'i
Kopi=R'B"M; 1[I+ (BR'BT —y2B,BI)M;;,]'A

ZTig1 = AaiTi + Logi [ + Bu;

0
yi — C4

where M;, i.e. My ;,, is given in (2.140) and L,y ; is defined as

Log,i = (Aa,isof,i [—KGr: CT] = 7*BulSi 0])Ro_f1,i
Sof,iJrl = Aa,iSOfJAZ:i - ’YQBwWiilBZ: - Lof,iRof,iLZf)i

2r7—1
- Zz 0 _Ko K
Rof,i = |: 0 I:| + |: Cf ] Sof,i [_Kg},i CT]

WS ) ) BT !
5 -5 3 [0

with the initial conditions M; =@y and S;, = 0.

£otr
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Infinite Horizon Output Feedback H., Control
Now we introduce the infinite horizon H., output feedback control in the
following theorem:
Theorem 2.12. Infinite horizon Ho, output feedback control is composed of
U; = — of,oojji
Kopoo = R'BTM I+ (BR'B" — 2B, BL)M| 'A

Tiy1 = Aa,c0li + Log,co [yi —OCmi] + Bu;

where
Apoo = A+ By(v*I — BEM B,) ' BL M, A
Lofoe = <Aa7msof,m (K% o CT] = 4By |5 0])30;00

Sof,oo = Aa,ooSof,ooAg:oo - 72BwWo:>1Bg - Lof,ooRof,ooLT

of,00

2 —1
_ | (Zoc) 0 _Kof,oo T T
Rofoo = [ 0 I I G [—Kofeo O]

Wil S, ) BT !
)=V R[] e m)

and achieves the following specification

Sl Rey + ul Qu;

i=ig
Zi:ig Wy Wy

if and only if there exists solutions Mo, > 0 satisfying (2.159) and Sof,0c > 0
such that

R 0 BT BT _
(1)A—[B By | ({0 —’72]] + [BZ:] My [B By | ) [Bg Moo A is stable.
(2) The numbers of the positive and negative eigenvalues of the two following
matrices are the same:

2

<7

R 0 R 0 BT
|:0721~J ; {OWQII]JF{BT}MOO[BBW] (2.246)
C :
(3) Aa,oo - Lof,oo |:(I+ BTMOOB)éKof$OO:| is stable.

(4) The numbers of the positive and negative eigenvalues of {%’ _72[ ] are

the same as those of the following matriz:

L, 0 c T
|: 0 _,y2Im +T:| + |:X%Kof7oc:| S()f,oo |:C KOf,OOX2:| (2247)
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where T = X2 BT M Z M BX~2, 7 = I-BT M. (I+BBTM,,) !B,
and X =1+ BTM_B.

We can see a proof of Theorem 2.12 in [HSK99]. It is shown in [Bur98] that
output feedback H, control can be obtained from a solution to an estimation
problem.

2.6 Linear Optimal Controls via Linear Matrix
Inequality

In this section, optimal control problems for discrete linear time-invariant
systems are reformulated in terms of linear matrix inequalities (LMIs). Since
LMI problems are convex, it can be solved very efficiently and the global
minimum is always found. We first consider the L@ control and then move to
H control.

2.6.1 Infinite Horizon Linear Quadratic Control via Linear Matrix
Inequality
Let us consider the infinite horizon LQ cost function as follows:
o0
Joo = Z {x?@xz + u?Rul} )
i=0

where @ > 0, R > 0. It is noted that, unlike the standard LQ control, @ is
positive-definite. The nonsingularity of Q is required to solve an LMI problem.
We aim to find the control u; which minimizes the above cost function. The
main attention is focused on designing a linear optimal state-feedback control,
u; = Hx;. Assume that V(x;) has the form

V(z;) = o) Kayy, K >0
and satisfies the following inequality:
V(zig1) — V(i) < —[2] Qs + ul Ruy) (2.248)

Then, the system controlled by u; is asymptotically stable and Js < V' (z0).
With u; = Hz;, the inequality (2.248) is equivalently rewritten as

eT(A+ BH)Y'K(A+ BH)z; — 2] Kz; < —2] [Q + H' RH)x; (2.249)

From (2.249), it is clear that (2.248) is satisfied if there exists H and K such
that

(A+BH)'K(A+BH) - K+Q+ H"RH <0 (2.250)
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Instead of directly minimizing #I Kz, we take an approach where its upper
bound is minimized. For this purpose, assume that there exists v5 > 0 such
that

1t Kzg < vo (2.251)
Now the optimal control problem for given zg can be formulated as follows:

min s subject to (2.250) and (2.251)
'yg,K,H

However, the above optimization problem does not seem easily solvable be-
cause the matrix inequalities (2.250) and (2.251) are not of LMI forms. In the
following, matrix inequalities (2.250) and (2.251) are converted to LMI con-
ditions. First, let us turn to the condition in (2.250), which can be rewritten

as follows:
1

Kt 0 0] [(A+BH)
~K+[(A+BH)" H" I]| 0 Rt 0 H <0
0 0 Q! I

From the Schur complement, the above inequality is equivalent to

-K  (A+BH)T HT I
(A+BH) —K-! 0 0

o 0 g | S0 (2.252)
I 0 0 -Qt
Also from the Schur complement, (2.251) is converted to
T
T2 T
[330 K‘l} >0 (2.253)

Pre- and post-multiply (2.252) by diag{K ', I,I,1}. It should be noted
that this operation does not change the inequality sign. Introducing new vari-
ables Y 2 HK~! and S & K1, (2.252) is equivalently changed into

—S  (AS+BY)T YT §

AS + BY -5 0 0
( ! ) . p g | <0 (2.254)
S 0 0 —-Q!
Furthermore, (2.253) is converted to
T
Bﬁ xbs’ ] >0 (2.255)

Now that (2.254) and (2.255) are LMI conditions, the resulting optimization
problem is an infinite horizon control, which is represented as follows:

min o
v2,Y,S K

subject to (2.254) and (2.255)

Provided that the above optimization problem is feasible, then H = YS!
and K = S~
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2.6.2 Infinite Horizon H,, Control via Linear Matrix Inequality
Consider the system

where A is a stable matrix. For the above system, the well-known bounded
real lemma (BRL) is stated as follows:

Lemma 2.13 (Bounded Real Lemma). Let v > 0. If there exists X > 0
such that

—-X1 A B 0

AT -x o cT

BT 0 —w, DF | <0 (2.258)

0 C D,, —yW; !

then > .
X 2TW, 2,

S T o 42 2.259
Zi:z’o ul Wyu; ! ( )

where u; and z; are governed by the system (2.256) and (2.257).

Proof. The inequality (2.259) is equivalent to

Jou = Z {Z;»TWZZZ' — ’yQU?Wuui} <0 (2.260)
i=0

Let us take V (z) as follows:
V(z)=2"Kz, K>0

Respectively adding and subtracting > .=, {V(z;4;) — V(z;)} to and from
Jzu in (2.260), does not make any difference to J,,. Hence, it follows that

oo

Jow = Z {zZTszi — ’yzu?Wuui +V(zit1) — V(a:i)} + V(zg) = V(reo)
i=0

Since z is assumed to be zero and V(x4 ) > 0, we have
Jou < Z{ZZTWZZZ — VUl Wou; + Vi(zir) — Vi)
i=0

Furthermore,



2.6 Linear Optimal Controls via Linear Matrix Inequality 69

(oo}
Z{ZiTWzZi — Yuf Wou; + V(@ipr) — V(z:)}
i=0

= Z {[szz + Dzuui]TWz [szz + Dzuuz] - WQU?Wuuz
=0

+[Az; + Bu;]" K[Az; + Bu;] — x?Kml}
o] ) T )
- la] ]
Uj Us
i=0
where

Aé_-J(+ATKA+C§WJL ATKB+CTWwW,D,, (2.261)
- BTKA+ DL w.Cc, BTKB+DLW.D,,—~*W, '

Hence, if the 2-by-2 block matrix A in (2.261) is negative definite, then J,,, < 0
and equivalently the inequality (2.259) holds.
The 2-by-2 block matrix A can be rewritten as follows:

Ao [-K 0 ] [ATCIV[K 0][4 B
10 =W, | " |BTDL | |0 W.||C. D.,

From the Schur complement, the negative definiteness of A is guaranteed if
the following matrix equality holds:

-K 0 AT cT
0 —*w, BT DT,
A B —-K' 0

C. D,, 0 -—-W;!

<0 (2.262)

Define IT as follows:
0100

A 0070
“ 11000
0007

11

Pre- and post-multiplying (2.262) by II” and II respectively does not change
the inequality sign. Hence, the condition in (2.262) is equivalently represented
by
—-K~' A B 0
AT —K 0 cr
BT 0 —*w, DI,
0 C. D, -Wi

z

Pre- and post-multiplying (2.263) by diag{,/71, \/?71[, \/ﬁflf, VI} and in-
troducing a change of variables such that X £ %K , the condition in (2.263)

<0 (2.263)

is equivalently changed to (2.258). This completes the proof. |
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Using the BRL, the LMI-based H, control problem can be formulated.
Let us consider the system

Tit+1 = AZL’Z + wai + B’U,l', Trog = 0
zi = Cowy + Doyuy;

As in the LMI-based LQ problem, the control is constrained to have a state-
feedback, u; = Hx;. With u; = Hx;, the above system is rewritten as follows:
Ziy1 = [A+ BH]x; + Byw;, xo=0

According to the BRL, H which guarantees |G (2)]lco < Yoo should satisfy,
for some X > 0,

-X"!  (A+BH) B, 0
A+ BH)T -X 0 (C,+ D, H)T
( Jt ) 0 ol ( 0 <o (2.264)
0 (C.+D.,H) 0 ool

where G (2) = [C, + D.,H|(2I — A— BH)"'B,,. Pre- and post-multiplying
(2.264) by diag{I, X! I, I} and introducing a change of variables such that
S22 X 1andY 2 HX 1 lead to

S+ (ASse + BY) B, 0
ASy + BY)T ~ S 0 (C.Sec+ DoY)
( BT ) 0 ol ( 0 " <0 (2265
0 (C.S 4+ D..Y) 0 —vool

Provided that the above LMI is feasible for some given .., H, state-feedback
control guaranteeing ||Gei(2)]loo < Yoo i given by

H=YS}

In this case, we can obtain the infinite horizon H., control via LMI, which
minimizes 75, by solving the following optimization problem:

i o bject to (2.2
o oo subjec 0 (2.265)

2.7* H, Controls

Since LQ regulator and LQG control problems are studied extensively in this
book, Hy controls and H filters are introduced in limited problems and are
only briefly summarized without proofs in this section.

To manipulate more general problems, it is very useful to have a general
system with the input, the disturbance, the controlled output, and the measure
output given by
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Ziy1 = Az + Byw; + Bu;
Yi = C:Ei + wai
z; = CZZL'z + wai + Dzuuz (2266)

The standard Hy problem is to find a proper, real rational controller u(z) =
K (z)y(z) which stabilizes the closed-loop system internally and minimizes the
Hs norm of the transfer matrix T, from w; to z;.

The Hy norm can be represented as

Tl = 5= [ T L) Nw = 3t Hi )
k=19
m

-3 f: AT (2.267)

=1 1=—0o0

where
e]w E er—jwk

and A* is a complex conjugate transpose of A and z! is an output resulting
from applying unit impulses to /th input. From (2.267), we can see that the Ho
norm can be obtained from applying unit impulses to each input. We should
require the output to settle to zero before applying an impulse to the next
input. In the case of single input systems, the Hs norm is obtained by the
driving unit impulse once, i.e. || T, (e7%)]|2 = ||2]|2-

The Hs norm can be given another interpretation for stochastic systems.
The expected power in the error signal z; is then given by

s

E{zlz} = tr[E{z2]'}] = 2i tr{Tow (7)) T, (7))} dw

T™J %

s

= L T () T (7)) duw

2 J_,

where the second equality comes from Theorem C.4 in Appendix C.
Thus, by minimizing the Hs norm, the output (or error) power of the
generalized system, due to a unit intensity white noise input, is minimized.
It is noted that for the given system transfer function

G(z) = {%} =C(zI-A)"'B+D

IG(2)]|2 is obtained by

1G(2)|13 = tr(DTD + BTL,B) = tr(DD* + CL.CT) (2.268)
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where L. and L, are the controllability and observability Gramians

ALAT —L.+BBT =0 (2.269)
ATL,A—L,+CTC =0 (2.270)

The Hs norm has a number of good mathematical and numerical properties,
and its minimization has important engineering implications. However, the Ho
norm is not an induced norm and does not satisfy the multiplicative property.

It is assumed that the following things are satisfied for the system (2.266):

(i) (A, B) is stabilizable and (C, A) is detectable,

(ii) D, is of full column rank with [Dw D, ] unitary and D,, is full row with
gw} unitary,

| D1

(i) [A—eT B
iii ¢ D

[A—¢T B,

Cc D,

Let X5 > 0 and Y5 > 0 be the solutions to the following Riccati equations:

] has full column rank for all 8 € [0 2],

(iv ] has full rank for all 8 € [0 27].

~—
T

AX(I+ XoBBT) ' XA, — Xo +CTD, DTC, =0 (2.271)
Ay(I+Y,CTC) "Y2A] —Ys + B,DI DB, =0 (2.272)

where
A,=A-BD.LC, A,=A-B,CLC (2.273)

Note that the stabilizing solutions exist by the assumptions (iii) and (iv). The
solution to the standard Hs problem is given by

ji+1 = (AQ - BL()C)@Z - (L2 - BLO>yi (2274)
up = (Fo — LoC)#; + Loyi (2.275)

where

Fy = —(I+BT"X,B) Y (B"X,A + D?,C.)
Ly = —(AY,CT + B, CIY(I 4 CY,CT) ™!
Lo = (F2Y2C07 + BCD) (I + 0Y,CcT) ™t

Ay = A+ BF, + LyC

The well-known LQR control problems can be seen as a special Hy problem.
The standard LQR control problem is to find an optimal control law u €
I5[0 oc] such that the performance criterion Y i 27z is minimized in the
following system with the impulse input w; = J;:
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iy1 = Az, + vow; + Bu;
Zi = szi + Dzuuz
Yi = @ (2.276)
where w; is a scalar value, CI'D,, = O, CTC, = Q, and DL, D,, = R. Note
that B, in (2.266) corresponds to z¢ in (2.276). Here, the Hy performance
criterion becomes an LQ criterion.

The LQG control problem is an important special case of the Hy optimal
control for the following system:

w1 = Az + | GQb O] [f] + Bu;

yi=Czi+ |0 R} | H]

7

(2.277)

where CI'D,, = O, CTC, = Q, and DL D,, = R. The LQG control is
obtained so that the Hs norm of the transfer function from w and v; to
z is minimized. It is noted that, according to (C.14) in Appendix C, the
performance criterion (2.267) for the system (2.277) can be considered by
observing the steady-state mean square value of the controlled output

L V=1 L V-1
E[ lim ¥ Z zszi} E{ lim v Z (z] Qz; + uf Ruy)

N—o00 2 .
i=0 =0

when the white Gaussian noises with unit power are applied. It is noted that

w; and v; can be combined into one disturbance source w; as in (2.266).
The H, filter problem can be solved as a special case of the Hs control

problem. Suppose a state-space model is described by the following:

Tit1 = ASUZ + wai
yi = Cz; + Dyw; (2.278)
The Hs filter problem is to find an estimate Z; of z; using the measurement
of y; so that the Hy norm from w; to x; — &; is minimized. The filter has to
be causal so that it can be realized.
The Hs filter problem can be regarded as the following control problem:
Tiy1 = Al‘l + Byw; +0 X Z;
yi = Cai + Dyw;
where the following correspondences to (2.266) hold
B «— 0
Cc, — I
D, «— -1
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H,/H,, Controls Based on Mixed Criteria

Each performance criterion has its own advantages and disadvantages, so that
there are trade-offs between them. In some cases we want to adopt two or more
performance criteria simultaneously in order to satisfy specifications. In this
section, we introduce two kinds of controls based on mixed criteria. It is noted
that an LQ control is a special case of Hy controls. Here, the LQ control is
used for simplicity.

1. Minimize the Hy norm for a fixed guaranteed H,, norm such that

nin 2 (2.280)
subject to
T
Y2 Ty
[330 g } >0 (2.281)
-5 (AS+BY)T YT S
(AS+ BY) -5 0 0
v 0 _r-1 0 <0 (2.282)
S 0 0 -Qt
-5 (AS+BY) B, 0
(AS + BY)T -8 0 (C.S+ DY)
BT 0 o 0 <0 (2.283)
0 (C.S+D..Y) 0 Yool

From Y and 9, the state feedback gain is obtained, i.e. H = Y/ S~1.
2. Minimize the H, norm for a fixed guaranteed Hs norm such that

in Yoo 2.984
fnin ( )

subject to
(2.281), (2.282), (2.283).

The state feedback gain is obtained from Y and S, i.e. H = Y.S™1.

2.8 References

The material presented in this chapter has been established for a long time
and is covered in several excellent books. The subject is so large that it would
be a considerable task to provide comprehensive references.

Therefore, in this chapter, some references will be provided so that it is
enough to understand the contents.
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Dynamic programming and the minimum principle of Section 2.2 are dis-
cussed in many places. For general systems, dynamic programming and the
minimum principle of Pontryagin appeare in [BD62, BK65, Bel57] and in
[PBGMG62] respectively. For a short review, [Kir70] is a useful reference for
the minimum criterion in both dynamic programming and the minimum prin-
ciple. For a treatment of the minimax criterion, see [Bur98] for the minimax
principle and [BB91] [BLW91] [KIF93] for dynamic programming. Readers
interested in rigorous mathematics are referred to [Str68].

The literature on LQ controls is vast and old. LQR for tracking problems
as in Theorems 2.1, 2.2, and 2.4 is via dynamic programming [AM89] and via
the minimum principle [BH75] [KS72]. In the case of a fixed terminal with a
reference signal, the closed-loop solution is first introduced in this book as in
Theorem 2.3.

The H, control in Section 2.3.2 is closely related to an LQ difference
game. The books by [BH75] and [BO82] are good sources for results on game
theories. [BB91] is a book on game theories that deals explicitly with the
connections between game theories and H,, control. The treatment of the
finite horizon state feedback H, control in this book is based on [LAKG92].

The Kalman filters as in Theorem 2.6 can be derived in many ways for
stochastic systems. The seminal papers on the optimal estimation are [KB60]
and [KB61].

The perfect square expression of the quadratic cost function in Lemmas
2.8 and 2.9 appeared in [Lew86b, Lew86a]. A bibliography of LQG controls is
compiled by [MGT71]. A special issue of the IEEE Transactions on Automatic
Control was devoted to LQG controls in 1971 [Ath71]. Most of the contents
about LQG in this book originate from the text of [Lew86b]. The LQG sep-
aration theorem appeared in [Won68]. The perfect square expression of the
H, cost function in Theorem 2.11 appeared in [GL95].

Even though finite horizon and infinite horizon L(Q controls are obtained
analytically from a Riccati approach, we also obtain them numerically from
an LMI in this book, which can be useful for constrained systems. Detailed
treatments of LMI can be found in [BGFB94, GNLC95]. The LMIs for LQ and
H. controls in Sections 2.6.1 and 2.6.2 appear in [GNLC95]. The bounded
real lemma in Section 2.6.2 is investigated in [Yak62], [Kal63], and [Pop64],
and also in a book by [Bur98].

The general Hs problem and its solution are considered well in the fre-
quency domain in [ZDG96]. This work is based on the infinite horizon. In
[BGFBY4], Hy and H,, controls are given in LMI form, which can be used
for the Ho/Hs mixed control. The work by [BH89] deals with the problem
requiring the minimization of an upper bound on the Hy norm under an H,
norm constraint.
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2.9 Problems
2.1. Consider the system

Tip1 = Qi+ i — M“_z - (2.285)

where 0 < o < 1 and z;, < M. In particular, we want to maximize

ip—1

J =B, + > [pri — w0 (2.286)

i=io

where p > 0,0 < 8 < 1, and ¢ > 0. Find an optimal control u; so that (2.286)
is maximized.

2.2. Consider a nonlinear system xj1 = f(2x, ux) with constraints given by
¢(zr) > 0 and the performance criterion (2.2).

(1) Show that above ¢(xx) > 0 can be represented by an extra state variable
ZTp41,k+1 such as

Tt k1 = Ttk + {[01 (@r)]2a(—d1(zk) + - - + [du(ap)]*a(—di (k) }

where @(-) is a unit function given by @(z) = 1 only for x > 0 and 0
otherwise with

Tntlio =0, Tpt1,i, =0
(2) Using the minimum principle, find the optimal control so that the system
T1,k+1 = 0.43327]@ (2287)
To g1 = —0.2x9 p + up (2.288)

is to be controlled to minimize the performance criterion

3
J = 0527 + 23 + uf] (2.289)
k=0

The control and states are constrained by

—1<u, <1 (2.290)
—2< apy <2 (2.291)

2.3. Suppose that a man has his initial savings S and lives only on interest
that comes from his savings at a fixed rate. His current savings z, are therefore
governed by the equation

Tht1 = QT — Uk (2.292)
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where @ > 1 and uy denotes his expenditure. His immediate enjoyment due
to expenditure is urz. As time goes on, the enjoyment is diminished as fast
as 3%, where |3| < 1. Thus, he wants to maximize

N
J = Z Bru
k=0

where S, «, and (3 are set to 10, 1.8, and 0.6, respectively. Make simulations
for three kinds of planning based on Table 1.1. For the long-term planning,
use N = 100. For the periodic and short-term plannings, use N = 5 and the
simulation time is 100. Using the minimum principle, find optimal solutions
u; analytically, not numerically.

(2.293)

TNl

2.4. Consider the following general nonlinear system:
Tip1 = f(.’l?l) + g(mi)wi, Zi = h(.’L‘l) + J(CIL‘Z)U}z (2.294)

(1) If there exists a nonnegative function V' : ®* — R with V(0) = 0 such
that for all w € ®? and £k =0,1,2---

V(@rs) = Viar) < 32lwil? = [z (2.295)

show that the following inequality is satisfied:

N N
Dol <D il ?
k=0 k=0

Conversely, show that a nonnegative function V' : ®* — R with V(0) = 0
exists if the H,, norm of the system is less than 2.
(2) Suppose that there exists a positive definite function V(z) satisfying

07 (0) 2o (©)g(0) + I (0)(0) ~* <0 (2.206)
0= V(f(z) + 9(@)ale)) - V()
L) + T @@ - lla@)) (2.207)

where «(x) is a unique solution of

ov
da(x)

(2)g(x) + a(2)" (JT (2)J(z) =*) = —h"(z)J(z)  (2.208)

and the systems is observable, i.e.

2k |we=0 = h(zg) =0 — klim xE =0 (2.299)

Show that the system z;11 = f(x;) is stable.
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2.5. We consider a minimum time performance criterion in which the objective
is to steer a current state into a specific target set in minimum time.
For the system

11 .
the performance criterion is given as
ip—1
J=> 1=is—i (2.301)
i=io

where |u;| < 1. Find the control u; to bring the state from the initial point
z;, = [1 4T to the origin in the minimum time.

2.6. An optimal investment plan is considered here. Without any external
investment, the manufacturing facilities at the next time k£ + 1 decrease in
proportion to the manufacturing facilities at the current time k. In order to
increase the manufacturing facilities, we should invest money. Letting x5 and
uj be the manufacturing facilities at time & and the investment at the time k
respectively, we can construct the following model:

Tpt1 = QTg + Yug (2.302)

where |a| < 1, v > 0, and z( are given. Assume that manufacturing facilities
are worth the value proportional to the investment and the product at the
time k is proportional to the manufacturing facilities at time k. Then, the
profit can be represented as

N-1

J=Ban+ Y (Bri — u;) (2.303)

=0

The investment is assumed to be nonnegative and bounded above, i.e. 0 <
u; < u. Obtain the optimal investment with respect to «, 3, 7, and N.

2.7. Let a free body obey the following dynamics:

Yi+1 = Yi T U (2.304)
Vig1 = Vi + U (2305)

with y; the position and v; the velocity. The state is x; = [y; Ui]T. Let the
acceleration input u; be constrained in magnitude by

lug| < 1 (2.306)

Suppose the objective is to determine a control input to bring any given initial
state (yi,,vs,) to the origin so that
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{yﬂ =0 (2.307)
Vg
The control should use minimum fuel, so let
if

JGio) = > ] (2.308)
i=1g
(1) Find the minimum-fuel control law to drive any x;, to the origin in a given
(2) Draw the phase-plane trajectory. N, y;,, and v;, are set to 35, 10, and 10
respectively.

2.8. Consider a performance criterion with Q = R = 0 and a positive definite
Qy. The control can be given (2.43)-(2.45) with the inverse replaced by a
pseudo inverse.

(1) Show that the solution to Riccati Equation (3.47) can be represented as
K = (QFANT[1 = QpWi(QFWi) T [QF Wi(QF W) T]T(QF AY). (2.309)

where Wy, = [B AB A%’B ... A¥1Blfork=1,2,..,N—1with Wy =0
and A' is a pseudo inverse of A.

(2) In the deadbeat control problem, we desire that z;, = 0; this can happen
only if a performance criterion is equal to zero, i.e. if K;, = 0. Show that
K, can be zero if the following condition holds for some k:

Im(A*) € Tm(Wy) (2.310)

where Im(M) is the image of the matrix M.
(3) Show that (2.310) is satisfied if the system is controllable.

2.9. Consider the following performance criterion for the system (2.27):

ip—1 T
s =30 [0 & | [ + et

i=io
where
Q=Q" >0, L\%J‘g] >0, R=R">0

Show that the optimal control is given as

u; = —K;z;

K; = (BTS;;1B+ R)"'(BTS;;1 A+ MT)

S; =ATS; 1A~ (BTS; 1A+ MTYT(BTS; 1B+ R)"T(BTS; 1A+ MT)

+@Q

where S, = Q.



80 2 Optimal Controls on Finite and Infinite Horizons: A Review

2.10. Show that the general tracking control (2.103) is reduced to the simpler
tracking control (2.79) if @ in (2.103) becomes zero.

2.11. Consider the minimum energy performance criterion given by

i—1
J = ul Ru; (2.311)

i=ig

for the system (2.27). Find the control u; that minimizes (2.311) and satisfies
the constraints [u;| < % and z;, = 0.

2.12. Consider an optimal control problem on [ig i for the system (2.27)
with the LQ performance criterion

ip—1
J(x,u) = Z (2 Qi + ul Ru,) (2.312)

i=io

(1) Find the optimal control u subject to Cx;, +b = 0.
(2) Find the optimal control uy subject to xz; Pz;, <1, where P is a sym-
metric positive definite matrix.

2.13. Consider the following performance criterion for the system (2.120):
if—l T
RN T Q M| |z 2 T T
seor= (2] [ 3] [] -t
=19

where

Q=Q" >0, [A?Tﬂg}zo, R=R">0. (2.313)

Derive the H,, control.

2.14. Derive the last term h;;, in the optimal cost (2.148) associated with
the Ho, control.

2.15. Consider the stochastic model (2.161) and (2.162) where w; and v; are
zero-mean, white noise sequences with variance given by

SHICEN N EEALS
(1) Show that (2.161) and (2.162) are equivalent to the following model:
Tip1 = Az + Bu; + GZ1255 y; + G&;
yi = Cri+ v
where

_ —_ =1 —_ =1
A=A-— G:12:22 C, fi = Wi — Z12599 Vg
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(2) Find E{&v]}.

(3) Show that the controllability and observability of the pairs {A, B} and
{A, C} are guaranteed by the controllability and observability of the pairs
{4, B} and {A, C}, respectively.

(4) Find the Kalman filter &1

2.16. Consider the following system:

010 0
Tpt1= |001 | x4+ [0 &
000 1

Y = [100]xk+9k
where &, and 6j are zero-mean Gaussian white noises with covariance 1 and
7

(1) Express the covariance of the state estimation error Py as a function of p.
(2) Calculate the gain matrix of the Kalman filter.
(3) Calculate and plot the poles and zeros of the closed-loop system.

2.17. Consider the LQG problem
Tritr | _ | L1 @ 10 0
[562,141} N [0 1] [fﬂzz] +Vp [1 olwT g (2.314)

y=[10] {xl} (2.315)

T2
for the following performance criterion:

ip—1
J= Z p(xy + 20)? +u? (2.316)

i=ig

Discuss the stability margin, such as gain and phase margins, for steady-state
control.

2.18. Consider a controllable pair {A, B} and assume A does not have unit-
circle eigenvalues. Consider also arbitrary matrices {Q, S, R} of appropriate
dimensions and define a Popov function
_RBT Ty Q S| [GE-A)"'B
Sy(z) = [B (21 — ATH)~! I] [ST R] [ I (2.317)
where the central matrix is Hermitian but may be indefinite. The KYP

lemma[KSHO0] can be stated as follows.
The following three statements are all equivalent:

(a) Sy(e?™) >0 for all w € [-7 , 7).
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(b) There exists a Hermitian matrix P such that

_ T T
{Q P+ ATPA S+ A PB] >0 (2.318)

ST+BTPA R+ BTPB

(c) There exist an n x n Hermitian matrix P, a p X p matrix R, > 0, and an
n X p matrix K, such that

{QPJrATPA S+ATPB} B [K,,

T
ST+ BTPA R+BTPB| | I }Re (K7 1] (2319)

p

Derive the bounded real lemma from the above KYP lemma and compare it
with the LMI result in this section.
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