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Abstract. The author derives the likelihood ratio test statistic for the
equality of mean vectors when the covariance matrices are assumed to
have a compound symmetric structure. Its exact distribution is then
expressed in terms of a product of independent Beta random variables
and it is shown that for some particular cases it is possible to obtain very
manageable finite form expressions for the probability density and cumu-
lative distribution functions for this distribution. For the other cases,
given the intractability of the expressions for the exact distribution, very
sharp near-exact distributions are developed. Numerical studies show the
extreme good performance of these near-exact distributions.
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1 Introduction

The likelihood ratio test for the equality of mean vectors, when the covariance
matrices are assumed to be just positive-definite, but otherwise unstructured,
is a well-known test in Multivariate Analysis, and the distribution of the asso-
ciated test statistic has been extensively studied ([8, Chap. 9], [1, Chap. 8], [10,
Chap. 10], [5,9]).

However, a similar test for cases where some common given structure is
assumed for the covariance matrices is not available in the literature.

We say that a p × p positive-definite covariance matrix ΣCS is compound
symmetric if, for − a

p−1 < b < a, it can be written as

ΣCS =

⎡
⎢⎢⎢⎢⎢⎣

a b b . . . b
b a b . . . b
b b a . . . b
...

...
...

. . .
...

b b b . . . a

⎤
⎥⎥⎥⎥⎥⎦

= (a − b)Ip + bEpp = aIp + b(Epp − Ip) ,
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where Ip represents the identity matrix of order p and Epp a p × p matrix of 1’s.
Let us suppose that Xk ∼ Np(μk

, Σk), k = 1, . . . , q, where Σk are assumed
to be equal and compound symmetric. Let us further suppose that we have a
sample of size nk > p from Xk (k = 1, . . . , q) and that these q samples are
independent, with n =

∑q
k=1 nk. We will be interested in the test to the null

hypothesis of equality of the q mean vectors μ
k

(k = 1, . . . , q), that is, the null
hypothesis

H0 : μ
1

= . . . μ
q

assuming Σ1 = · · · = Σq(=ΣCS non-specified) ,
(1)

where ΣCS represents a compound symmetric matrix of order p.
The interest in this test comes from the fact that such covariance structure

is quite common or quite commonly assumed for covariance matrices in many
situations and for many statistical models. See for example [6] for references.
Moreover, in case the assumption of such structure for the covariance matrices
is correct, then not accounting for it when carrying out the tests for the mean
vectors will lead to losses in power. Therefore it is of interest to investigate the
test for equality of mean vectors when assuming this structure for the covariance
matrices.

2 The Likelihood Ratio Test Statistic

The (2/n)-th power of the likelihood ratio test (l.r.t.) statistic to test the null
hypothesis in (1) is

Λ =
a∗∗
11(a

∗∗)p−1

c∗∗
11(c∗∗)p−1

, (2)

where

a∗∗ =
1

p − 1

p∑
j=2

a∗∗
jj and c∗∗ =

1
p − 1

p∑
j=2

c∗∗
jj , (3)

with a∗∗
jj and c∗∗

jj , the diagonal elements of the matrices

A∗∗ = UAU ′ and C∗∗ = U(A + B)U ′ (4)

where U is a Helmert matrix of order p, which is a p × p orthogonal matrix with
first row equal to 1√

pE1p and i-th row (i = 2, . . . , p) equal to

1√
(i − 1)i

[
1 , . . . , 1︸ ︷︷ ︸

i−1

,−(i − 1) , 0 , . . . , 0︸ ︷︷ ︸
p−i

]
(i = 2, . . . , p) .

We may obtain the l.r.t. statistic in (2) by establishing a parallel with the
l.r.t. statistic used when the covariance matrices Σk are assumed to be just
positive-definite, which is the statistic

Λ∗ =
|A|

|A + B| (5)
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where

A =
q∑

k=1

(nk − 1)Sk and B =
q∑

k=1

nk(Xk − X)(Xk − X)′ (6)

where Sk and Xk are respectively the sample covariance matrix and mean vector
of the k-th sample and

X =
1
n

q∑
k=1

nk Xk ,

and by seeing that the l.r.t. statistic to test H0 in (1) will be in its beginning
similar to the l.r.t. statistic in (5), to which we have to add the fact that now
the matrices Σk are assumed to be compound symmetric.

If we take into account that all the diagonal elements of ΣCS are equal
among themselves and that also all the off-diagonal elements of ΣCS are also
equal among themselves, the maximum likelihood estimator (m.l.e.) of ΣCS ,
under the alternative hypothesis

H1 : ∃j, j ′ ∈ {1, . . . , q} : μ
j

�= μ
j ′

assuming Σ1 = · · · = Σq(=ΣCS non-specified) ,
(7)

where ΣCS = aIp + b(Epp − Ip), is A∗ = [a∗
ij ], with

a∗
ii = â

H1
=

1
p

p∑
j=1

ajj and a∗
ij = b̂

H1
=

1
p(p − 1)

p∑
i=1

p∑
j=1

i�=j

aij (i �= j) ,

while the m.l.e. of ΣCS under the null hypothesis in (1) is C∗ = [c∗
ij ], with

c∗
ii = â

H0
=

1

p

p
∑

j=1

(

ajj +bjj

)

and c∗
ij = ̂b

H0
=

1

p(p − 1)

p
∑

i=1

p
∑

j=1
i�=j

(

aij +bij

)

(i �= j),

where aij and bij represent the running elements of the matrices A and B in
(5) and (6). Then, the l.r.t. statistic to test H0 in (1) may be written as

Λ =
|A∗|
|C∗| (8)

where

|A∗| = a∗∗
11

⎛
⎝ 1

p − 1

p∑
j=2

a∗∗
jj

⎞
⎠

p−1

and |C∗| = c∗∗
11

⎛
⎝ 1

p − 1

p∑
j=2

c∗∗
jj

⎞
⎠

p−1

(9)

where, as in (2) and (3), a∗∗
jj and c∗∗

jj represent respectively the j-th diagonal
element of the matrices A∗∗ and C∗∗ in (4), so that Λ in (8) may be written as
in (2).

We may note that, while a∗∗
11 and c∗∗

11 are the m.l.e.’s of a + (p − 1)b, respec-
tively under H1 in (7) and under H0 in (1), a∗∗ and c∗∗ in (2) and (3) are the
m.l.e.’s of a − b, respectively under H1 in (7) and under H0 in (1).
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3 Characterization of the Distribution of the L.R.T.
Statistic

In order to obtain the distribution of the l.r.t. statistic Λ in (8) or (2), under the
null hypothesis (1), now one only has to notice that, under this null hypothesis,

UΣCSU ′ = Δ = diag
(
a + (p − 1)b, a − b, . . . , a − b︸ ︷︷ ︸

p−1

)
,

so that, since A and B are independent, with

A ∼ Wp(n − q,ΣCS) and B ∼ Wp(q − 1, ΣCS) ,

A∗∗ and B∗∗ = UBU ′ are independent, with

A∗∗ ∼ Wp(n − q,Δ) and B∗∗ ∼ Wp(q − 1,Δ) ,

and as such,
C∗∗ = A∗∗ + B∗∗ ∼ Wp(n − 1,Δ) .

The diagonal elements of A∗∗ are thus independent, as well as the diagonal
elements of B∗∗ and C∗∗, with

a∗∗
jj

δj
∼ χ2

n−q ,
b∗∗
jj

δj
∼ χ2

q−1 ,
c∗∗
jj

δj
=

a∗∗
jj

δj
+

b∗∗
jj

δj
∼ χ2

n−1 , (j = 1, . . . , p)

(10)
for δ1 = a + (p − 1)b and δ2 = · · · = δp = a − b.

Therefore, from (8), (9) and (10), we see that

Λ
d≡ Y1 (Y2)p−1

where Y1 and Y2 are independent, with

Y1 ∼ Beta

(

n − q

2
,
q − 1

2

)

and Y2 ∼ Beta

(

(n − q)(p − 1)

2
,
(q − 1)(p − 1)

2

)

.

The h-th moment of Λ in (2) may thus be written as

E(Λh) =
Γ
(

n−1
2

)
Γ
(

n−q
2 + h

)

Γ
(

n−q
2

)
Γ
(

n−1
2 + h

)
Γ
(

(n−1)(p−1)
2

)
Γ
(

(n−q)(p−1)
2 + (p − 1)h

)

Γ
(

(n−q)(p−1)
2

)
Γ
(

(n−1)(p−1)
2 + (p − 1)h

) ,

(11)
which will be used in deriving an exact finite form for the distribution of Λ for
odd q and to obtain sharp near-exact approximations for its distribution in the
other cases.
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4 The Exact Distribution of Λ for Odd q

For odd q, by using the relation

Γ (a + n)
Γ (a)

=
n−1∏
j=0

(a + k) (12)

and given that the expression in (11) remains valid for any complex h, one may
write the characteristic function (c.f.) of W = − log Λ as

ΦW (t) = E
(
eitW

)
= E(Λ−it)

=
Γ
(

n−1
2

)
Γ
(

n−q
2

− it
)

Γ
(

n−q
2

)
Γ
(

n−1
2

− it
)

Γ
(

(n−1)(p−1)
2

)
Γ
(

(n−q)(p−1)
2

− (p − 1)it
)

Γ
(

(n−q)(p−1)
2

)
Γ
(

(n−1)(p−1)
2

− (p − 1)it
)

=

⎧
⎪⎨
⎪⎩

q−1
2 −1∏
j=0

(
n − q

2
+ j

)(
n − q

2
+ j − it

)−1

⎫
⎪⎬
⎪⎭

×

⎧
⎪⎨
⎪⎩

(q−1)(p−1)
2 −1∏
j=0

(
(n − q)(p − 1)

2
+ j

)(
(n − q)(p − 1)

2
+ j − (p − 1)it

)−1

⎫
⎪⎬
⎪⎭

=

⎧
⎪⎨
⎪⎩

q−1
2 −1∏
j=0

(
n − q

2
+ j

)(
n − q

2
+ j − it

)−1

⎫
⎪⎬
⎪⎭

×

⎧
⎪⎨
⎪⎩

(q−1)(p−1)
2 −1∏
j=0

(
n − q

2
+

j

p − 1

)(
n − q

2
+

j

p − 1
− it

)−1

⎫
⎪⎬
⎪⎭

=

(q−1)(p−1)/2∏
j=1

(
n − q

2
+

j − 1

p − 1

)rj
(

n − q

2
+

j − 1

p − 1
− it

)rj

for

rj =

⎧
⎨
⎩

1 , j = 1, . . . , (q − 1)(p − 1)/2
j �= (j − 1)(p − 1) + 1 for � = 1, . . . , (q − 1)/2

2 , j = (� − 1)(p − 1) + 1 for � = 1, . . . , (q − 1)/2 ,
(13)

which shows that for odd q the exact distribution of W is a GIG (Generalized
Integer Gamma) distribution [3] and that of Λ an EGIG (Exponentiated Gen-
eralized Integer Gamma) distribution [2] of depth (q − 1)(p − 1)/2 with shape
parameters rj and rate parameters n−q

2 + j−1
p−1 (j = 1, . . . , (q − 1)(p − 1)/2).

The exact probability density function (p.d.f.) and cumulative distribution
function (c.d.f.) of Λ are thus given by

fΛ(z) = fEGIG

(
z

∣∣∣∣ {rj}j=1,...,g ;
{

(n − q)
2

+
j − 1
p − 1

}

j=1,...,g

; g

)

and

FΛ(z) = FEGIG

(
z

∣∣∣∣ {rj}j=1,...,g ;
{

(n − q)
2

+
j − 1
p − 1

}

j=1,...,g

; g

)
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for g = (q − 1)(p − 1)/2 and rj given by (13). See [2] for the notation used for
the p.d.f. and c.d.f. of the EGIG distribution.

5 Near-Exact Distributions of Λ for Even q

5.1 Near-Exact Distributions for Even q and Even p

When q is even, the exact p.d.f. and c.d.f. of Λ are not manageable. As such in
this case we will develop near-exact distributions for Λ, which are asymptotic
distributions that, opposite to common asymptotic distributions, will be asymp-
totic not only for increasing sample sizes but also for increasing values of p and
q. The case where q and p are both even is somewhat more complicated and this
is the one we will address in this subsection.

From (11), for even q and even p we may write the c.f. of W = − log Λ as

ΦW (t) =
Γ
(

n−2
2

)

Γ
(

n−q
2

− it
)

Γ
(

n−q
2

)

Γ
(

n−2
2

− it
)

Γ
(

(n−1)(p−1)
2

− 1
2

)

Γ
(

(n−q)(p−1)
2

− (p − 1)it
)

Γ
(

(n−q)(p−1)
2

)

Γ
(

(n−1)(p−1)
2

− 1
2

− (p − 1)it
)

× Γ
(

n−1
2

)

Γ
(

n−2
2

− it
)

Γ
(

n−2
2

)

Γ
(

n−1
2

− it
)

Γ
(

(n−1)(p−1)
2

)

Γ
(

(n−1)(p−1)
2

− 1
2

− (p − 1)it
)

Γ
(

(n−1)(p−1)
2

− 1
2

)

Γ
(

(n−1)(p−1)
2

− (p − 1)it
)

=

⎧

⎪

⎨

⎪

⎩

q−2
2 −1
∏

j=0

(n − q

2
+ j
)(n − q

2
+ j − it

)−1

⎫

⎪

⎬

⎪

⎭

×

⎧

⎪

⎨

⎪

⎩

q(p−1)−p
2 −1
∏

j=0

(

(n − q)(p − 1)

2
+ j

)(

(n − q)(p − 1)

2
+ j − (p − 1)it

)−1

⎫

⎪

⎬

⎪

⎭

× Γ
(

n−1
2

)

Γ
(

n−2
2

− it
)

Γ
(

n−2
2

)

Γ
(

n−1
2

− it
)

Γ
(

(n−1)(p−1)
2

)

Γ
(

(n−1)(p−1)
2

− 1
2

− (p − 1)it
)

Γ
(

(n−1)(p−1)
2

− 1
2

)

Γ
(

(n−1)(p−1)
2

− (p − 1)it
)

=

⎧

⎪

⎨

⎪

⎩

q−2
2 −1
∏

j=0

(n − q

2
+ j
)(n − q

2
+ j − it

)−1

⎫

⎪

⎬

⎪

⎭

×

⎧

⎪

⎨

⎪

⎩

q(p−1)−p
2 −1
∏

j=0

(

n − q

2
+

j

p − 1

)(

n − q

2
+

j

p − 1
− it

)−1

⎫

⎪

⎬

⎪

⎭

× Γ
(

n−1
2

)

Γ
(

n−2
2

− it
)

Γ
(

n−2
2

)

Γ
(

n−1
2

− it
)

Γ
(

(n−1)(p−1)
2

)

Γ
(

(n−1)(p−1)
2

− 1
2

− (p − 1)it
)

Γ
(

(n−1)(p−1)
2

− 1
2

)

Γ
(

(n−1)(p−1)
2

− (p − 1)it
)
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=

⎧

⎨

⎩

((q−1)(p−1)−1)/2
∏

j=1

(

n − q

2
+

j − 1

p − 1

)r∗
j
(

n − q

2
+

j − 1

p − 1
− it

)−r∗
j

⎫

⎬

⎭

︸ ︷︷ ︸

ΦW,1(t)

× Γ
(

n−1
2

)

Γ
(

n−2
2

− it
)

Γ
(

n−2
2

)

Γ
(

n−1
2

− it
)

Γ
(

(n−1)(p−1)
2

)

Γ
(

(n−1)(p−1)
2

− 1
2

− (p − 1)it
)

Γ
(

(n−1)(p−1)
2

− 1
2

)

Γ
(

(n−1)(p−1)
2

− (p − 1)it
)

︸ ︷︷ ︸

ΦW,2(t)

(14)
with

r∗
j =

⎧
⎨
⎩

1 , j = 1, . . . , ((q − 1)(p − 1) − 1)/2
j �= (� − 1)(p − 1) + 1 for � = 1, . . . , (q − 2)/2

2 , j = (� − 1)(p − 1) + 1 for � = 1, . . . , (q − 2)/2 .
(15)

In (14) ΦW,1(t) is the c.f. of a GIG distribution of depth ((q − 1)
(p − 1) − 1)/2 with shape parameters r∗

j and rate parameters n−q
2 + j−1

p−1

(j = 1, ..., ((q − 1)(p − 1) − 1)/2) and will be left untouched, while, based on
the results in Sect. 5 of [11], which show that we can, for increasing values of a,
approximate asymptotically a Logbeta(a, b) distribution by an infinite mixture
of Gamma (b + k, a) (k = 0, 1, . . . ) distributions, using a somewhat heuristic
approach, we will asymptotically approximate ΦW,2(t), which is the c.f. of a sum
of two independent random variables whose exponential has a Beta distribution
with a second parameter equal to 1/2, by

Φ∗
2(t) =

m∗∑
k=0

πk (λ∗)1+k(λ∗ − it)−(1+k)

which is the c.f. of a finite mixture of Gamma distributions, where λ∗ is the rate
parameter in

Φ∗(t) = θ(λ∗)r1(λ∗ − it)−r1 + (1 − θ)(λ∗)r2(λ∗ − it)−r2

which will be numerically computed together with θ, r1 and r2 in such a way
that

∂h

∂th
Φ∗(t)

∣∣∣∣
t=0

=
∂h

∂th
ΦW,2(t)

∣∣∣∣
t=0

, h = 1, . . . , 4 .

The weights πk, k = 0, . . . ,m∗ −1, will then be computed in such a way that

∂h

∂th
Φ∗
2(t)

∣∣∣∣
t=0

=
∂h

∂th
ΦW,2(t)

∣∣∣∣
t=0

, h = 1, . . . ,m∗ ,

with πm∗ = 1 −∑m∗−1
k=0 πk.

By doing this we obtain

Φ∗
W (t) = ΦW,1(t)Φ∗

2(t)

as a near-exact c.f. for W , which will yield as near-exact distributions for W mix-
tures with m∗ + 1 components, each of which is a GIG distribution of depth ((q−
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1)(p−1)−1)/2+1, with shape parameters r∗
j (j = 1, . . . , ((q − 1)(p − 1) − 1)/2)

and a last one equal to k + 1, and corresponding rate parameters (n − q)/2
+(j − 1)/(p − 1) and λ∗.

This gives near-exact distributions for Λ with p.d.f.

fΛ(z) =
m∗
∑

k=0

πk fEGIG

(

z
∣

∣

∣ {r∗
j }j=1,...,g, k + 1;

{

n − q

2
+

j − 1

p − 1

}

j=1,...,g

, λ∗; g + 1

)

and c.d.f.

FΛ(z) =

m∗∑
k=0

πk

(
1− FEGIG

(
z
∣∣∣ {r∗

j }j=1,...,g, k + 1;

{
n − q

2
+

j − 1

p − 1

}

j=1,...,g

, λ∗; g + 1

))
,

for g = ((q − 1)(p − 1)− 1)/2 and r∗
j given by (15).

This yields very manageable near-exact distributions for both W and Λ,
which will match the first m∗ exact moments of W and which, as it is shown in
the next section, lie very close to the exact distribution and are asymptotic not
only for increasing sample sizes but also for increasing values of p and q, that
is, the number of variables in each vector Xk and the number of populations
considered, opposite to the common asymptotic distributions which are asymp-
totic for increasing sample sizes, but which quickly degrade their performance
for increasing values of p.

5.2 Near-Exact Distributions for Even q and Odd p

Indeed when q is even but p is odd, we may treat the c.f. of W still in a similar
manner, but now taking advantage of the fact that in this case the c.f. of the neg-
ative logarithm of the r.v. Y2 may be expressed as the c.f. of a GIG distribution.
Since in this case p − 1 is even, we may write

ΦW (t) =
Γ
(

n−2
2

)

Γ
(

n−q
2

− it
)

Γ
(

n−q
2

)

Γ
(

n−2
2

− it
)

Γ
(

(n−1)(p−1)
2

)

Γ
(

(n−q)(p−1)
2

− (p − 1)it
)

Γ
(

(n−q)(p−1)
2

)

Γ
(

(n−1)(p−1)
2

− (p − 1)it
)

× Γ
(

n−1
2

)

Γ
(

n−2
2

− it
)

Γ
(

n−2
2

)

Γ
(

n−1
2

− it
)

=

⎧

⎪

⎨

⎪

⎩

q−2
2 −1
∏

j=0

(n − q

2
+ j
)(n − q

2
+ j − it

)−1

⎫

⎪

⎬

⎪

⎭

×

⎧

⎪

⎨

⎪

⎩

(q−1)(p−1)
2
∏

j=0

(

(n − q)(p − 1)

2
+ j

)(

(n − q)(p − 1)

2
+ j − (p − 1)it

)−1

⎫

⎪

⎬

⎪

⎭

× Γ
(

n−1
2

)

Γ
(

n−2
2

− it
)

Γ
(

n−2
2

)

Γ
(

n−1
2

− it
)
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=

⎧
⎨
⎩

q−2
2 −1∏
j=0

(
n − q

2
+ j

)(
n − q

2
+ j − it

)−1
⎫
⎬
⎭

×
⎧
⎨
⎩

(q−1)(p−1)
2∏

j=0

(
n − q

2
+

j

p − 1

)(
n − q

2
+

j

p − 1
− it

)−1
⎫
⎬
⎭

× Γ
(

n−1
2

)
Γ
(

n−2
2 − it

)

Γ
(

n−2
2

)
Γ
(

n−1
2 − it

)

=

⎧
⎨
⎩

(q−1)(p−1)/2∏
j=1

(
n − q

2
+

j − 1
p − 1

)r∗
j
(

n − q

2
+

j − 1
p − 1

− it
)−r∗

j

⎫
⎬
⎭

︸ ︷︷ ︸
ΦW,1(t)

× Γ
(

n−1
2

)
Γ
(

n−2
2 − it

)

Γ
(

n−2
2

)
Γ
(

n−1
2 − it

)
︸ ︷︷ ︸

ΦW,2(t)

,

(16)

with the r∗
j defined in a similar manner to that in (15), now going through

(q − 1)(p − 1)/2, that is, with

r∗
j =

⎧
⎨
⎩

1 , j = 1, . . . , (q − 1)(p − 1)/2
j �= (� − 1)(p − 1) + 1 for � = 1, . . . , (q − 2)/2

2 , j = (� − 1)(p − 1) + 1 for � = 1, . . . , (q − 2)/2 .
(17)

In (16) ΦW,1(t) is now the c.f. of a GIG distribution of depth (q − 1)
(p − 1)/2 with shape parameters r∗

j and rate parameters n−q
2 + j−1

p−1

(j = 1, ..., (q − 1)(p − 1)/2) and, similarly to what we did before, will be left
untouched. Once again based on the results in Sect. 5 of [11], we will asymptoti-
cally approximate ΦW,2(t) which is the c.f. of a random variable whose exponen-
tial has a Beta distribution with a second parameter equal to 1/2, by

Φ∗
2(t) =

m∗∑
k=0

πk (λ∗)k+1/2(λ∗ − it)−(k+1/2)

which is the c.f. of a finite mixture of Gamma (k + 1/2, λ∗) distributions, where
λ∗ may be either taken as (n − 2)/2, or alternatively, be computed in a similar
manner to that used for even q and even p. This second choice would, mainly
for values of p higher than 3, give near-exact distributions that will lie a little
bit closer to the exact distribution.

By proceeding in this way we obtain

Φ∗
W (t) = ΦW,1(t)Φ∗

2(t)

as a near-exact c.f. for W , which will now yield as near-exact distributions for
W mixtures with m∗ + 1 components, each of which is a GNIG (Generalized
Near-Integer Gamma) distribution of depth (q − 1)(p − 1)/2 + 1, with shape
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parameters r∗
j (j = 1, . . . , (q − 1)(p − 1)/2) and a last one equal to k + 1/2, and

corresponding rate parameters (n − q)/2 + (j − 1)/(p − 1) and λ∗. See [4] and
[9, Appendix B] for the GNIG distribution and the expressions for its p.d.f. and
c.d.f..

This gives near-exact distributions for Λ with p.d.f.

fΛ(z) =
m∗
∑

k=0

πkfGNIG

(

log z
∣

∣

∣ {r∗
j }j=1,...,g, k + 1

2
;

{

n − q

2
+

j − 1

p − 1

}

j=1,...,g

, λ∗; g + 1

)

1

z

and c.d.f.

FΛ(z) =

m∗∑
k=0

πk

(
1− FGNIG

(
log z

∣∣∣{r∗
j }j=1,...,g , k + 1

2
;

{
n − q

2
+

j − 1

p − 1

}

j=1,...,g

, λ∗;

g + 1

⎞
⎟⎠

⎞
⎟⎠ ,

for g = (q − 1)(p − 1)/2 and r∗
j given by (17).

6 Numerical Studies

In order to evaluate the proximity of the near-exact distributions to the exact
distribution we will use the measure

Δ =
1
2π

∫ +∞

−∞

∣∣∣∣
ΦW (t) − Φ∗

W (t)
t

∣∣∣∣ dt (18)

Table 1. Values of the measure Δ in (18) for increasing values of p and increasing
sample sizes n = pq + {2, 102, 502}, for near-exact distributions which match m∗ exact
moments

p q n m∗

2 4 10 20

4 6 26 3.70 × 10−8 1.05 × 10−11 3.47 × 10−20 6.24 × 10−28

126 3.29 × 10−10 4.05 × 10−15 1.11 × 10−26 2.76 × 10−42

526 4.50 × 10−12 3.14 × 10−18 1.64 × 10−33 5.32 × 10−55

10 6 62 1.06 × 10−9 8.14 × 10−15 4.89 × 10−25 7.13 × 10−39

162 5.98 × 10−11 5.90 × 10−17 1.22 × 10−29 4.87 × 10−47

562 1.44 × 10−12 1.09 × 10−19 1.27 × 10−35 2.19 × 10−58

30 6 182 9.06 × 10−12 2.98 × 10−19 1.27 × 10−32 3.05 × 10−52

282 2.44 × 10−12 2.30 × 10−20 9.77 × 10−35 3.07 × 10−56

682 1.73 × 10−13 1.42 × 10−22 5.54 × 10−39 2.42 × 10−64
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with

Δ ≥ max
w>0

|FW (w) − F ∗
W (w)| and Δ ≥ max

0<z<1
|FΛ∗(z) − F ∗

Λ∗(z)| , (19)

and where ΦW (t) and Φ∗
W (t) represent respectively the exact and the near-

exact characteristic functions of W and FW ( · ) and F ∗
W ( · ) the corresponding

cumulative distribution functions. For the derivation of the measure Δ in (18)
and the relation in (19) see [7, Appendix A].

In Tables 1 and 2 we may analyze the values of the measure Δ in (18) for
different even values of p and q and different sample sizes, and in Tables 3 and 4
the values of this measure for different odd values of p, with smaller values of Δ

Table 2. Values of the measure Δ in (18) for increasing values of q and increasing
sample sizes n = pq + {2, 102, 502}, for near-exact distributions which match m∗ exact
moments

p q n m∗

2 4 10 20

4 6 26 3.70 × 10−8 1.05 × 10−11 3.47 × 10−20 6.24 × 10−28

126 3.29 × 10−10 4.05 × 10−15 1.11 × 10−26 2.76 × 10−42

526 4.50 × 10−12 3.14 × 10−18 1.64 × 10−33 5.32 × 10−55

4 16 66 3.55 × 10−10 5.37 × 10−15 4.01 × 10−26 3.42 × 10−40

166 2.63 × 10−11 6.93 × 10−17 3.05 × 10−30 3.12 × 10−48

566 7.08 × 10−13 1.66 × 10−19 5.14 × 10−36 3.95 × 10−59

4 36 146 8.47 × 10−12 1.10 × 10−17 7.06 × 10−32 4.45 × 10−51

246 2.07 × 10−12 1.04 × 10−18 3.92 × 10−34 2.95 × 10−55

646 1.30 × 10−13 1.02 × 10−20 1.46 × 10−38 1.09 × 10−63

Table 3. Values of the measure Δ in (18) for even q, increasing odd values of p and
increasing sample sizes n=pq+{2, 102, 502}, for near-exact distributions which match
m∗ exact moments

p q n m∗

2 4 10 20

5 6 32 1.06×10−8 2.54×10−12 5.90×10−21 1.30×10−30

132 1.47×10−10 2.07×10−15 2.74×10−27 3.02×10−43

532 2.22×10−12 1.90×10−18 5.87×10−34 1.05×10−55

11 6 68 3.44×10−10 9.27×10−15 1.03×10−25 1.07×10−39

168 2.25×10−11 9.86×10−17 5.47×10−30 7.98×10−48

568 5.76×10−13 2.20×10−19 8.18×10−36 8.44×10−59

31 6 188 3.44×10−12 4.56×10−18 8.69×10−33 8.83×10−53

288 9.54×10−13 5.37×10−19 7.97×10−35 1.36×10−56

688 6.97×10−14 6.86×10−21 5.46×10−39 1.68×10−64



The Likelihood Ratio Test for Equality of Mean Vectors 31

showing a better agreement between the near-exact and the corresponding exact
distribution.

We may see how all the near-exact distributions exhibit extremely low values
of the measure Δ and how they display a clear asymptotic behavior not only for
increasing sample sizes but also for increasing values of p, the number of variables
involved, as well as for increasing values of q, the number of populations involved.

Noticeably, even for very small sample sizes the near-exact distributions
exhibit extremely low values of Δ, showing their extreme closeness to the exact
distribution, even for these very small sample sizes.

As expected, near-exact distributions with higher values of m∗ show lower
values of the measure Δ, given that m∗ is the number of exact moments of W
that are matched by these near-exact distributions.

Table 4. Values of the measure Δ in (18) for odd p, increasing even values of q and
increasing sample sizes n=pq+{2, 102, 502}, for near-exact distributions which match
m∗ exact moments

p q n m∗

2 4 10 20

5 6 32 1.06×10−8 2.54×10−12 5.90×10−21 1.30×10−30

132 1.47×10−10 2.07×10−15 2.74×10−27 3.02×10−43

532 2.22×10−12 1.90×10−18 5.87×10−34 1.05×10−55

5 16 82 1.00×10−10 1.24×10−15 1.61×10−27 2.05×10−43

182 1.02×10−11 2.74×10−17 3.85×10−31 7.90×10−50

582 3.30×10−13 8.90×10−20 1.28×10−36 3.42×10−60

31 6 188 2.40×10−12 2.53×10−18 2.57×10−33 1.05×10−53

288 7.15×10−13 3.35×10−19 2.99×10−35 2.45×10−57

688 5.58×10−14 4.77×10−21 2.54×10−39 4.32×10−65

7 Conclusions

The method used to analyze and factorize the characteristic function of the neg-
ative logarithm of the likelihood ratio statistic, with the help of the relation (12),
proved itself extremely useful. It not only enabled us to obtain, for odd q, that is,
for an odd number of the populations involved, the exact distribution of the neg-
ative logarithm of the likelihood ratio statistic as a GIG distribution, which is a
very manageable distribution, but also allowed for the development of very sharp
near-exact distributions for even q. As noted in Subsect. 5.2, when q is even and
p is odd, it is possible to obtain even sharper near-exact distributions than those
obtained in Subsect. 5.1 for even p and even q. Although, as expected, the near-
exact distributions display a much better closeness to the exact distribution as
the value of m∗, the number of exact moments of W matched by these near-exact
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distributions, increases, even for very small values of m∗ the near-exact distrib-
utions display a great closeness to the exact distribution and a clear asymptotic
behavior not only for increasing sample sizes but also for increasing values of
the number of populations involved, and opposite to the common asymptotic
distributions, also for increasing numbers of variables involved, always with very
good performances for very small samples sizes, even for large values of p, the
number of variables involved.
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